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Abstract

Presentation Trends by Countries and Regions
at International Al Conferences, 2015-2024

Keywords: Artificial Intelligence; comparison of countries/regions; top conferences

In this study, we examined the number of presented papers over a ten-year period (2015-2024)
in the five leading Al conferences — AAAIL, AAMAS, ICML, IJCAI, and NeurIPS, along with a
classification of their authors’ institutional countries/regions. Furthermore, we created word clouds for
the titles presented in each conference by year, thereby observing the evolution of conference themes
over time.

In early work, the data pipeline for attributing countries/regions from the presented papers was
manually processed. We improved this approach by implementing a semi-automated method: using a
large language model (LLM) for author-affiliation extraction and leveraging the Research Organization
Registry (ROR) API to infer countries/regions.

The analysis revealed that all five conferences expanded rapidly during the study period, with the
number of presentations on NeurIPS growing from 403 to 4,538 — an 11.3-fold increase.

Growth was driven chiefly by China and the United States. China currently predominates broad-
scope Al conferences (AAAI IJCAI), while the United States still leads the machine-learning (ICML,
NeurIPS) and agent-centric (AAMAS) conferences, although its share is declining annually. At
AAMAS in 2024, China overtook the United Kingdom, the long-standing runner-up, and India rose to
fourth place, signaling a shifting competitive landscape.

In the international co-authorship network, US—China collaborations form the strongest link. Since
the 2020s, multipolarity has been observed with Singapore, South Korea, and India emerging as hubs.
Japan, despite increasing the number of co-authored publications, remains a peripheral node in the
network.

Research topics have shifted swiftly from deep learning toward LL.M/generative Al, ethics & fairness,
and computational efficiency, with their application domains expanding to healthcare, robotics, and
multimodal AL
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3 IR
3.1 AAAI (Association for the Advancement of Artificial Intelligence)

AAALIZDWTIE, S, INEMREZRIEICRELLZ 2T, BIFELVR— b [BfH 23] L a5E
WRERENHTED, #HEErkbhTns,

BRII2IE, BFLR— TR0y =74 Y7 RARBERIhZ2BEREHRICL TV Z
%, “Student Track” 2, “BAAI” R DHER M T v 7 %2R L, “Main Track”, “Technical Track™
758 AAAT DEFZFETHIN - I N7 DDA EZNRIT LT, THUTE D, KD HTICH
WIRLHE AAAL O EfEFDRHT 2 IR IRIARE Lo TW3Y,

3.1.1 AAAI ICBITZE - ISR RRGBOHER

Trends of AAAI

v 1,500 S CN
i =
a +2,000 S
. 3
o 7
Y 1,000 11,500 &
o 0O
Q D
: 2
- 1,000 &
Y i
£ 500 -
< 1500 ©
8 D
£ s »
g — 3 "IN
Z o0 ; " Jp jo
% o A ® ) o N q, » »
N S S & S o o 5 o o
S S S S S 8 S 8 8 S
AT AU CA CH —eCN DE ES
Country Code FR o—GB IL o IN IT KR NL
RU SE SG T™W —e—US -e-JPp ---- Total

3-1: AAAT DIF - HuUSIFERABAHER  (2015-2024 4F)

3-1 BEUFE 31,32 12HET X, 2015 FH 5 2024 £ ETD AAAL BT 2 HRFBOHB %
H2t, 2K UTELWENMERAIEE I NS, MAERAENL 2015 F0 532 fF22 5, 2024 F12
32,331 thAe i 4.4 HIZEHEMLTED, FHT 2023 £ 5 2024 FI2Hh T TKRIEZIEM (+616
) DR XN,

OB 2 REMHOEREMERE A2 L, RHFEELDOIEHE (CN) THD, 2015 F0D

DY FIFRLICED, FHERREL T0s—F 4 YV RAABBUCEDOMBEIEL 2 22235 5,
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7 3-1: AAAT OF - BRI RAEIHERE (528, 2015-2024 4F) (1/2)

A=z hu7| 4-z2t507 HFH XA R AE RAY RRAY T5VR HE 25T 28

Year AT AU CA CH CN DE ES FR GB IL Total
2015 10 51 35 13 130 19 4 18 44 22 532
2016 4 42 30 4 170 24 3 13 53 15 551
2017 9 47 26 14 221 28 6 21 72 13 642
2018 8 52 33 19 361 35 7 18 75 18 924
2019 11 58 53 22 512 52 5 20 81 22 1,146
2020 16 100 59 21 751 47 4 33 127 22 1,607
2021 21 72 85 27 734 76 13 40 106 35 1,653
2022 16 67 87 23 569 59 7 48 90 21 1,318
2023 23 95 75 32 935 88 6 42 119 25 1,715
2024 20 109 90 34 1,526 94 15 54 143 32 2,331

3 3-2: AAAI O[F - HRAIFERERIHERE (528, 2015-2024 4E) (2/2)

AIYR 14207 BA 8E A5v4 OY7 zv—7v suns-L BE KE 28
Year IN IT JP KR NL RU SE SG ™ US Total
2015 11 15 20 8 4 2 4 26 4 252 532
2016 11 19 19 7 8 2 5 36 3 265 551
2017 20 19 26 10 5 1 8 38 7 275 642
2018 24 21 34 20 5 3 2 54 16 411 924
2019 26 16 45 28 14 1 5 56 18 492 | 1,146
2020 43 41 53 51 11 6 8 69 22 654 1,607
2021 38 31 47 69 16 12 12 73 31 646 1,653
2022 31 27 36 58 19 4 6 72 24 472 1,318
2023 38 37 39 83 24 5 8 102 30 528 1,715
2024 47 30 38 110 31 7 13 135 27 498 2,331

130 22 5 2024 £E121% 1,526 fEE, #9117 5288 LT w3, KE (US) 13 252 425 498 fF &
2.0 f5ICE o THD, 2019 FELFRIHTEI—EHL TRZOFEELE L 125 T, FHZ 2022 F
26D 3FEICONTIE, KEDMEER, tEIHEICH 2%, FEOFREEBcEmL s
DEERBEFRESTL BT3B o TWd Z LIZERICET %, CHEMAEERE L LT,

o i#[F (KR) 8 — 110  (F13.8£%)
o O UHK—NL(SG) 261 — 1354 (%9 5.2 £%)
e { > F (IN) 1 - 474 (¥ 4.3 %)

BEIFoND, —FH, HAJP) X 20 —38 thAoimce ¥ b, MiEIC L CTHUDERH
TH %,

¥7z, KELAHEO 2 EOAT 2024 HEORFERAHOK 87.0% (CN:1,526 fF, US:498 ) %
HOTED, Z0 2 HOMFEEENHAEREFELTWE IR0 5,

3.1.2 AAAIICEITBERFHZEDER

¥ 3-2 1R L7z a— FRUCEBEHEEROME 2 A4t L, 2 il 2y 2 &, HEBKRD
G bV =2 FEAD ZRETED, FICHEKEZHDE T 2 HEBFROM S HFARN S,
HIFDN 3-2a T, KE HEOBOHED RS KW T AN TE D, WEEOHZFERM G



AAAI 2015-2019 AAAI 2020-2024

CN

-

(a) AAAT 2015-2019 £ (b) AAAI 20202024 4

Xl 3-2: AAALIZBVT 3 [H - Hisk I E B R o bhig

BEICIERICHR W Z AR X%, RFDK 3-2b TH ZDMEAMBHERF XN TED, KbhotEF
FlEERZTHE L HIC, HEEFA - F V7 (AU), ¥ HEK— (SG), %EH (GB) 2¥
r oE#FEDEL TV,

—7J7C, HA (JP) OIERRIEILIM <, KE, HE, KEL OBEREH2DDD, 2k L
THEHID R WEAD VT WS,

M EDHERD» S, AAALIZET 2 ERRIZERERDB E L TOMSIIELEEDOOH D, H
EOBEE KFO _MEENEHETH 2 Z e PHLL oTzs —H, HADFEHEBIIMKA L LT
INE K, FERME - HEBGRE DICKRERMTER LA THARY,

3.1.3 AAAIICEITBABTDRL
PURTIE, K3-3 e Z20MNiRe %2 8EE (R EZ2R) 265AMNS LY FIZOoWTHiZIZ
figet 2 il A % o

B—ELTHRIZT—F %79, I0FEM2ZEC THELTHHELTWS X —U—FE LT,
Mearn (%:%)J Tmodel (:E7 V)] lalgorithm (7A=Y X 24)) data (7 —%)] Tprediction (F
#HD 1y Toptimization (FaEft)) REDEIT oIS,

CNBIEHE 3 RAl 7 — LDIAT S D M AT OEANLEINERTDLH D, WHIRIR
DOEREICET VMR - EEIE 5080 BRI AES B INBIEE SN TE L Z 25 H
MR 5o
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WREFBORBECHER 2016 LI, Tdeep (ZfE)J Mneural (=2 — 1) ] Tconvolutional (&
HiAA) ) Tembedding (BDIiAA) | ¥\ o 7 BREEE (Deep Learning) B#H OFED ST L T
Wa,

RZ 2018 LI, Tlattention (GEEAEHE) | Mtransformer (P VA7 4 —<—)] W\ o258
HEHLTED, KBIEFETE T )L (Large Language Model; LLM) PRIZHRE 7)1 O K A3 Wk
WCHAIN, EEFED? S LLMAD LY FOEBIDH DR TV,

W LFEDEE 2017 £tHD &, Treinforcement (3#{b) ) Mpolicy (KU > —) ] lagent (= — =
> M) Tbandit (XY F 4w 1) J Treward GREM) . 2o 7258(b 281 BES 25380 Ho10,

BHZ A — A0 R T 4 7 ANDISHNEAT Z £ 25 mIc, WS ocHEFE AL, B
TRAOWFESERILL TV R EALNS,

MEASEUEBCERETILORE 2020 FLIH, MNanguage (F78) ) text (7% & 1) | ltranslation
(BHFR) 1 Tquestion (ER) ) lTanswer (J5&) | lgeneration (ZEfK) ) 72 ¥, HIAASFEAM (Natural
Language Processing; NLP) 2425 AL ICBH# T 2FE0NRE LT3, 24U, GPT RET L%
LHEFTI2RHBESHEETNVOEMPHRICHE HEL G I 2mRT 5, %7z, 2022 1
BEi2id Tprompt (Fa > 7 1)) % [diffusion (JEED ) &V o AT T 258 Roh, H
BER AL Ty 7 TEe Vo T OREHS AMEIC R > T\ b,

D% D, Wi L7 2018 4 2 A O EMERAMT & LTO LLM OfEato 6, FEMAyF A - o
BB T0WBEE R 5,

BT - S5 - HENEEAOEDDOEED 2020 FERICA>TH 51X, MMairness (NFEHE) |
bias (XA 7 )| lrobustness (Ef#H:) | lnterpretability (RIEERAME) | Tuncertainty CRHEESEME) |
7Y, Al OB - HRRIEICREE S 20 HMBUEHE ML TV 2,

Al DHRFEEDES 2 T, FNZIEREZ F T, ZOMESEEY, FHAROBEHM X
CHWEBERME T -~ LTNEDIIONS X DITR -7 Z e BHiARN S,

BOE - EBIRINF— - AT—FEUTAADEER ZODfth, I'scalable (R —Z 71) ] lefficient
(RIRHY) ) Mederated GEE%3%) ] Tpruning (B97E) ] Tcompression (E#E) ) 72 ¥, SEULIERE
BEFOHKZER L X — 7 — FLELEMERCH 5,

KEEH D AL T TV OHEE - #HiGm 2 BIEMITAT 5 72 OIS HT 770 TEFITIT D
TV Zehfaz s,

WAE 2R LY Fe LT, EEFEEDS LLMARK AL WO kTN 0D, AT
HEERMZE DS RF L LT, MLEE ML YO #HADEBEFIITOA TV AT S
MZ B,

1) sy F 4w ME T2BAY T4 v MR 2EKL, JAZRMORMBERKOS» S, R EROREE AT
Y RAREET BVHLATH B,

10



3.2 AAMAS (International Conference on Autonomous Agents and Multia-
gent Systems)

3.2.1 AAMAS [ZHIT 3 E - g HERERDOHFRE
Trends of AAMAS

0
[
3 o
‘S_“ 1501 g
400 —
©
0] >
- :
= 1001 o
(O] ©
O +
< )
F200 o
s o
50 A
N «—IN =
() s - - D
! - e —— 2
5 ——— — " =P ’
= 0 (0]
% o A > o o ~ ", 0 8
% > > > % 3V NV YV v YV
q9 q9 q9 q9 q9 q9 q9 q9 q9 q9
AT AU CA CH o CN DE ES
Country Code FR - GB IL o IN IT KR NL
RU SE SG W —e—US -—e—]JP ----: Total

3-4: AAMAS OF - HUBRIFER AR (2015-2024 4F)

7 3-3: AAMAS DOF - HUsFI R RO (528, 2015-2024 4E) (1/2)

A=2bu7 F-zt3507 AFH AR hE KAV RT1Y TS5VR HE 1R5TIL 2%

Year AT AU CA CH CN DE ES FR GB IL Total
2015 2 21 15 5 19 23 11 26 62 14 361
2016 3 12 9 5 22 16 1 16 56 13 282
2017 5 16 10 4 22 22 8 23 56 23 319
2018 2 18 8 6 26 28 7 28 65 29 390
2019 2 14 19 10 48 27 8 36 67 24 438
2020 2 19 25 3 35 25 5 13 62 20 369
2021 3 18 10 4 27 23 6 31 48 18 305
2022 0 14 12 7 28 22 8 27 59 13 306
2023 7 29 27 9 86 31 4 30 98 25 528
2024 5 23 24 8 87 27 14 30 85 10 460

3-4 BEUFE 3-33-4 12HDE, 2015 F 5 2024 FITHTFTD AAMAS I2BF 3 HEHKE
CHBHNC AT B e, BT OEHAKREVAENLD, 2R LTEb T IEinERCH 5
M, B, MFEERMENX 2015 F£D 361 25 2024 FITIX 460 72, K9 1.3 fHTHmL
Joo 72721, AAMAS ORRMHEUIHFIC X 2 ZEHR = L DRk (AAAL NeurlPS) & fERT—
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7 3-4: AAMAS DO - Hughl RIS (EE, 2015-2024 4F) (2/2)

AYR 15207 BA 8E £5v4 OY7T zvz-7v ounk-n BB KE 28
Year IN IT JP KR NL RU SE SG ™ US Total
2015 19 27 5 0 27 0 3 25 2 127 361
2016 10 12 14 0 15 1 2 20 1 96 282
2017 14 14 6 3 12 0 1 14 1 104 319
2018 10 31 11 2 20 2 6 10 1 157 390
2019 20 31 20 3 20 2 8 22 1 163 438
2020 19 22 16 2 19 1 8 19 0 147 369
2021 20 16 10 1 28 1 6 12 1 104 305
2022 14 10 10 4 26 4 6 13 1 109 306
2023 33 22 9 6 27 0 11 25 2 173 528
2024 39 17 12 3 25 1 6 25 1 153 460

EDORE ML Y FERLTOVARY,

ERlo#m e LTix, KE (US) B—EB L TRZOFERBLHEEL TEBD, 2015 FD 127 HHh 5
2024 FEIZIE 153 RIS LTz 7272 LIS 1.2 f5CE > T8, EICHE L TR E &M
ONZSTRCF (RSN

—77, E (CN) OFEERAEUZ 2015 FD 19 fEh 5 2024 FI121F 87 thAr 2L, 465
2o TWb, R 2024 12 87 fhaadsk L, EE (GB) % LH - CTKE (US) IR S L 725 T
W3, %E (GB) bLEL CTEAKEZHRFLTEBD, 2023 FIi2 8 T —2r 2l 2 /=1, 2024 4F
WIEH T L 85 e iz o 7z,

WHELE Y LTidA > F AN) BEETH D, 2015 FD 19 20 5 2024 F121% 39 AR (9 2.1
f)o AT X (CA) D I5H0D 24 AL EFITHEML TWS, HA JP) EEMBICHBNT S
Bh o 12 AN 7223, RRE L TR/ NE W,

INODHED S, AAMAS BWTHHEOREMIHEETH % L[FKIC, 1 ¥ FORIHDBIZE
TE, HEROFCKHIREICZLAE L DD0H B Z ¥ Aa AR %,

3.2.2 AAMAS (ZHF 3 EBRHEEDER

B 3-5 1R L7z a— FRICEBEEEZERFROME 2 IH Lz, 3, #i 2015-2019 FoHE
BEfR T, KE (US) ZFDICHEE (GB), £ X5 X)L (IL), 4>~ F (IN), F4¥Y (DE), 75> &
(FR) R OHEMERTH 2 Z e R THN 5,

% 2020-2024 FEICH T TUE, HE, 4 ¥ F, A RTTAREREBWTHEERZOEIGDHE
ZTW3 XS IR, ERLEFAREDLL D PRD 5D, —F, HA JP) IEKE, %EEH, 4
YReoEEFEHRNA LN DD, FlERHEMVETL? DD, EEEZEORRDRENTD % lHE
Wb 3,

DLEX Y, 2015 FERATEICEN, AAMAS I8 2 EBHZHEREIZHL - IR L2205
Y ER5. FHCHEYL A ¥ FOREKMBOZM L LEBOWMPEETH D, 7/a— LR
Gy P =7 IZBIBFEEDNEE o T0D, —F, HARBEERAES X CEELE 2 6 ITBER
ThHh, hEL L TEERMEWIRIAFN TV S,
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AAMAS 2015-2019 AAMAS 2020-2024

(a) AAMAS 2015-2019 ¢ (b) AAMAS 2020-2024 £

Xl 3-5: AAMAS IZ81) % [H - Hulsi 3R (R o Frig

3.2.3 AAMAS ICHBIFTBARBDOLL VR

PURTIE, K3-6 ENERE 22 HEE (fE EZHR) 2 oH5iAHM S ML ¥ FIZOWTH S I
ZikH Do

AAMAS 13, T—Y 2V FBIUSILFI—V Y P 2T L4 (MAS) BT % BRI DWHFFLAK
BHAEF ZEERHETHD, SENGEE L5 202#FOH TR ATHBEOTT B E 0B E
RO ONTRELE T R 5,

B ELTHERTZT7—F 10FMZHACT—ELTELRLLZDIX, lTagent (= —Y =¥ b))
Mmulti (/L) | Treinforcement (58{t) ) Tpolicy (;KV > —) ] lgame (& — L) ] Tstrategy (HEHE) |
Mmechanism (X7 =2 2)] lsystem (AT L)) YWolz, WILFIT—YzY bIRT LDOWE
ZMTERTDH o7,

o3, ARDED AAMAS O EERMIZENRE T -2 = >+, BAKNCIGER D BT —
Pz v OREBRE - HEEH - HFICET 20 THE I ERKML T2,

WEEFE AP EDOEA 2017 FELI, Tdeep (F/E) ) Mneural (=2 —F)1) ) 2 \Wo 72 E
FEHBEEENRAICEYS T2 L5 1R-oTwd, £, ZhookRiicvrF—o x> PERITIC
B 3 FEEHRLFE (Deep Reinforcement Learning) DJSHMTEHZEDTED, ZAZ KL T
W5, Ireinforcement (31t)]) Tbandit (N7 4 v 1)y Treward CEREM) 1 &\ o 725353 4F 4 BN
LTEY, Z—Yxy FHFEEZE L TREREIEZES T 2RHANLLAMHEI ATV S Z 20
IDMA B,
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Wi - X5 - e DOEEIL  Tallocation (EJRELS7) ) Icoordination (F%E) | Mnegotiation (X34) |
lcoalition GHA) | lauction (A —2 > av) | LWolzihk (m—Y = ¥ MRFUIC BT 2 HEREN 2 5E
bk L TR ON, BT —2 = v MBI - 571 L CEEZER T 2 E T ADEHE IS
NTWBZ DTN 5,

¥ 7z, Tpreference GE4F) | lMfairness (M) equilibrium (Bf) ) 72 ¥ OFED &%, BEER
EDNIEMERHBNEE DR 2 W o 727 — A FERIHIE A DBD b ft AR 5,

WA - (R - SREARTREMEANDER 2019 fELIRER, Mfairness (2FE) ) lexplainable (FiHA]
BE72) ] Ttrust (B Tprivacy (774 N> —) ] Tsafe (ZaM)) 2y, B - tH 2SI
HLUEED HILD,

IhniE, Al-MAS BEEMRArEEIRZ1COoNT, B2 EZ TR, SN -
BHEME - A2 DHEMESRDOENZ LSRR TERILERMLTWS L ARbh 3,

F#12 Texplanation (#iPH)J linterpretable (FRFRRTAE)) Taccountability (FEFHEE)) &\ o758
252020 FELRETEIG L, XAL (BBHATHE AD & OBIEMZEHIEAL TV LS X %,

WS - REEADOFL AAMAS OFEY LT, lrobot (@R v +)J lvehicle (i) market
(M%) 1 Tauction (A —2> 2 >) ) Tsmart) Turban (Ffri) ) REDFENZL, ¥Ial—ar
HEDISHZEH& LR DFED 5 0D R %,

WFE T — T E MRS OET 2023 AELFE T, multimodal (/L FE—4&)L)] [transformer
(b7 27 x—~—)] MNanguage (S7E) | lgeneration (LR ¥, HASIEUEERKE TV
YOG ERTEIEHAAD TS, MAS 7% Td KBRS EEE 7L (LLM) OIERMIAA D D
DHh, T—Y =¥ bOFHMWBENRHHNOM EE Vo ARAEDPRITVWE W %,

WAE MAS ICBF 2%, 20 10 FHTRE CELL, BEHNAT—2 = > MG - 77—
LGRS &, BEIEE L RS U OHER, & 5 1H RS A M % B U 7o BRI &
T, RIASERINTVS WA %, FHGEFE T, M, SRR, <L FE— XV,
SHL AL 72 Y, B2 2 BNER e OEESRHICHEATED, SHOX 5k 2 2802 B A
Fxhz,
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3.3 ICML (International Conference on Machine Learning)

3.3.1 ICML ICHITBE - MBI FERFBROHER

Trends of ICML

n 1,5001
[
(0] —
o O
éE +
Q
S 2,000 —
o 1,0004 >
+ 0O
o (@]
(] D
(O] ©
O +
<C [0
r1,000
Y- 500 A
(@) U
Q
[ ©
Q D
e 3
= n
>
= 0 FO
2
%
q9
AT AU CA CH o CN DE ES
Country Code FR o-GB IL o IN IT KR NL
RU SE SG T™W —e—US -—e—JP ---- Total

3-7: ICML O[F - Hls IR R ALEER  (2015-2024 4F)

% 3-5: ICML O F - Hus IR AR (525K, 2015-2024 4F) (1/2)

A=2bUT A-z2r507 HAFE XA R FE RAY 2RIy T5UR HE 25T 28

Year AT AU CA CH CN DE ES FR GB IL Total
2015 1 7 24 9 18 14 2 23 36 14 268
2016 2 7 18 15 23 16 4 25 41 17 321
2017 5 19 23 22 36 27 6 17 68 19 434
2018 5 11 37 36 60 38 1 37 112 25 621
2019 7 14 53 42 86 49 2 49 131 25 773
2020 9 25 107 67 129 62 5 68 173 43 1,084
2021 13 35 97 60 197 69 8 75 186 49 1,183
2022 16 25 67 64 257 84 8 57 173 49 1,233
2023 17 53 132 90 411 133 11 111 261 61 1,865
2024 29 T4 190 142 825 203 14 118 334 83 2,634

3-7 BEUEK3-53-6 1IcHTE, ICML IZBIT 2 H - HUBIRREROHSEE R 2 2, #ZE 10
FETRRORERBDPBELTVIE Z b b, ARG 2015 FF£0D 268 05 2024 Fi2
1% 2,634 HEA L9 9.8 fEIHEIMN L 720 FRIC 2023 4ED2 5 2024 I TiX 769 b OHEMA F &
iz,
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% 3-6: ICML O F - Hus IR AL (525K, 2015-2024 4F) (2/2)

AYR 15207 BA 8E £5v4 OY7T zvz-7v ounk-n BB KE 28
Year IN IT JP KR NL RU SE SG ™ US Total
2015 9 2 9 6 2 1 1 10 1 155 268
2016 7 4 10 5 3 3 2 4 0 204 321
2017 10 7 13 11 6 1 7 5 2 313 434
2018 6 10 20 16 14 9 9 12 0 447 621
2019 9 10 23 30 16 8 10 11 3 558 773
2020 16 12 30 31 20 22 17 29 8 764 1,084
2021 12 24 39 43 28 21 15 40 7 789 1,183
2022 15 26 36 48 25 12 19 31 1 786 1,233
2023 27 29 62 106 36 15 17 61 6 1,165 1,865
2024 40 45 89 127 49 26 29 112 15 1,479 2,634

REHDTREZTH 5 KE (US) 1, 2015 412 155 fF, 2024 FI121F 1,479 fFEE8LTED, =
D 10 FERTH 9.5 FHITHM L 72o 2RO ZHIITIKEDOMERIC L > THEF I IhTW3,

KNTHIE (CN) 1, 2015 D 18 5 2024 121 825 ¥ KIEIHEIM L, #7458 fiFx
SO TEVWEEREZRLTWS, HE (GB) H 2015 FED 36 225 2024 4E121% 334 fEA L 0
L, #193ffr7zoTW\W3,

Zof, FHIRNEZEE LTURBETONS :

o ##[E (KR) 61 — 127  (21.265)
oV UHKR—=NL(SG) 10 — 112 (W 11.2£%5)
e HZA (JP) 9fF —  89fF (#79.9 1)
e /)X (CA) 24 — 190 fF (#97.9 £%)
e 752 (FR) 231 — 118 (#9 5.1 %)
e £ F (IN) 9 — 40 (¥ 4.4 £%)

HARBZHHE L TRERREZADLDH S, BRIMUITED, FHEBEEHDDODODHD L WVZ 5,

3.3.2 ICML I 3 EEHEZEDES

3-8 IR L7z a— FRICEEHLEFEBROMEZ ATt Lz, 2 il Z KRS 2 &, EREERZED
Fy b= IFEAZRLL, EREEDHEL TV,

AE 2015-2019 FEDOKITIE, KE (US) 2l & 2 RWHFRIPIZHA S, FHIcEE (GB),
75 YA (FR), #F & (CA) £ DEENZ WV, £ 27T (IL) 4 > F (IN) £ DHE S LENZ
, IR ARTTL - 4 v RElie UEERES R I TWV 5,

%1 2020-2024 FEDO XTI, KE (US) & HE (CN) ¥ OILE2HHRECHIN L, Kot E R
ROILRDREEND, T2, > HE L (SG) P#E (KR), 4 >~ F (N) 2¥ 7P 7iEE DI
FHARLRoTEY, 7IO7HBO I LYY ADNEE > TWE I EDHERTE 2,

—77C, A (JP) OHEFERBRIIATHEMICIE —EDFHEEERLTIIWS DD, fhoEEE Y It
NB R LTHIK, EBREEOERETIIRENTH S L Roh b,

BLEE D, ICML 2B WTIE, 2015 4ELIRE, R THRMEEHARERICIERL, Db
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ICML 2015-2019 ICML 2020-2024

(a) ICML 2015-2019 4 (b) ICML 2020-2024 4

Xl 3-8: ICML (12 8) % [H - Hussk i HE B R o bhig

FREE FEOBENE LWV, HER T I VR, AFR LV RO FEE D M R E R R
Roh, 7Y 7HEEOBENEETH D, Tz, HADHE - HEOWME T EDHUIE BET
W3,

3.3.3 ICMLICBITZABRD KL VR

DIRTE, K39 iR 2858 (N8R E S »oFiAENS LY RICOWTHIS I @t
ZikAH Do

ICML &, B8 oMEs - 703 ) X 4 - JEHICE S 2 RO E £ 2 EIERETH %,

B—ELTHRIZTV—F —HLTEHETESLLTWSF—Y—FE LT, lean (*#H) ]
"model (€7 V)] loptimization (J#{t) ) linference (#EF) ] Mdata (7 —%) ] lgradient (AJFL)
Malgorithm (743 X L)) BREPETOND, Z051E, BIRFEORAERZMK T 255 TH
D, B - EEMZAEOROTICHE L THW SN BEERT, AAAL L HEMT 2, HNTHED
WEHT %L, linference ($Eim) 1 < lgradient (AEL) | BT o, [L#ikT—<%/ S AAAL
N U THIREE 2 M e 3% ICML ORHEDS S AR %,

WEE¥3E (Deep Learning) DEB EFEEB 2016 FLIKE, Tdeep (HE) ) Meural (=2 —F)1) |
lrepresentation (K¥) | Ttrain (GII#F) ) Tconvolutional (BAAA) | 72, HIEFEBEEOENH
FITHWMLTwa,

FFI12 2020 FELIRRLE, Ttransformer (b5 > 2 7+ —~<—) ] lattention (JFEFEHE) ) Mim ORI
SBETN) ] LWV oRENBN, HRSHELHESETOWEE TV OTER & Z OB 2 HT 0
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TREHIEE -2 TWD,

WRCFBENYT 1w MEE  Treinforcement (3#1k) J policy (KU > —) ] Mbandit (N> T 4 v
Ny Treward G 1 72 & DFE S MEEANCESS LTE D, FHT 2017 FLIRKED I T3 Z DRAH
FITHMLTW5, WhO2HEH D - Bl LFEE L3RR 25 = OB TEET H 2500
B, ATyET 7 ) —RERER, BRI, Y SARERICE T 2 IF5ER T TV 5
TR EN S,

WEBMER CIEHETOIRIL  generalization (L)) Trobustness GHEfEM:) | lconvergence (YK
M) Tbound (BEFAMIFRFD ) W o FiBbBEICES L, &7 L OB A2 BERIICHRAE - 268
T57 7 —F 5| EREEMIN TV LERICHZ %,

¥ 7z, lvariance (57#0) ] Tstochastic (fE3#HY) ] lapproximation GEfD 1 &\Wo7zgEh 5, #iat
FHERR T > 7Y & FFIRICBT %80 5 3R %,

W7SANY— - RFMN - GENERE OFEFICEEINS23F—v—R2 LT, lprivacy (774
N —) ] Tfairness (INFME) | Tbias (N4 7 R) | lexplanation (FiiBAM:) ) linterpretability (R]f#ERR
) BB Feh 5,

R 2021 ELIRFIE, Tdifferential privacy (27777 A4 28> —) | % [fair optimization (/3 F-ixi#E
)1 2¥, fmEE - FERRIEZZE LSS T LORETDEE IR > TV,

BETILEMERT—ZEY T4 DIK [compression (JEHH) ) Mpruning (85%€) s Idistillation (&
)1 r OO S, KEKEET VDA - SLEANR 2 L oo 2 il 5 2 -0 Df
DR L TWB ZedFHAINS, £/, [scalable (X4 —F 7)) Tlefficient (BIRMY) 1 72 ¥
DEED HIX, DTHOLE - E#HEEZE 2 Vo EHAEAOME D AR 5,

Rz, EHEZBVWTKRHEE T LVOE - SEAMRKRIE K ELRHFEL RoTHBD, 7473
7 LTHHEANICHERZT>TWE EEA LN S,

WCE COEREAEHOILA ICMLIZBWTD, ICHADHOIADD 2 KL 7% —7 — FHHEL
Hahs,

#il 21X, Tvision] limage | Ttext) T'speech]) 72 ¥ DFEIZMM X, Tcontrol ) planning | 'game | robot ]
7Y, EHERAOLHZE#K LMD Ao s,

F#1Z 'multimodal (=L FE—& )] [retrieval (Fi%R) | lalignment (774 X > b)) R ¥ DFE
B3 2023 F~2024 FITEIG L, £ AL & v LFE—XIUREDWHFEREITHTH 5 Z L HME R 5,

WHSHE ICML ICEBU 20190 b L > R, 2015 40O FEH IR B S mmb 2 b & U7zd
WS, WEEEOZHMLER, X HIGOFETIERMBEET L - AWK AL 2F 2 W o 22872 723
AL 7 P LTWS, By ARG, HEFEAOBELPEED, T4y — (R
RERAY 72 22 1M % B U 72 ZE 08 L T 2 U R

20
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3.4.1

Number of Accepted Papers

3-10 BX U 3-7,3-8 IO %, ICAL IZBII 2 HEMHFHOWBER 2 L, 2D
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(o]
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(o]
suadeq paijdsdoy j1ejo)
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(o]
(o]

3-10: UCAI DF - HusRIFRAEHERE  (2015-2024 )

3£ 3-7: IICAI D[F - HRBIFE R (5281, 2015-2024 4E) (1/2)

IN
2 © A .2 9 Q " 92 @ X
> > %2 &y %2 YV 3V YV W YV
q9 q9 q9 q9 q9 q9 ﬁ9 q9 ﬁ9 q9
AT AU CA CH o—-CN DE ES
Country Code FR - GB IL o—IN IT KR NL
RU SE SG W —e—US -—e—]JP ----: Total

A=2bu7 A-z2rs597 AFHE XA R FIE RAY 2RTY TS5V BE 25T 28

Year AT AU CA CH CN DE ES FR GB IL Total
2015 18 47 32 10 159 41 13 49 7 16 643
2016 12 50 31 16 181 30 7 47 68 20 646
2017 16 87 33 8 253 43 11 47 83 24 779
2018 18 58 31 20 385 38 12 41 86 25 863
2019 8 78 45 16 403 50 5 50 71 19 963
2020 12 62 36 13 368 49 9 45 73 19 784
2021 16 53 33 12 315 57 8 37 60 14 722
2022 25 46 37 11 415 56 12 53 71 12 861
2023 21 46 36 17 392 56 11 52 68 16 850
2024 18 69 41 9 599 78 9 48 93 13 1,067

7oy

VT

FERMEL

1 2015 FD 643 4 5 2024 FF12iE 1,067 HEACHEIL, BLXZ 17152 7% o7, FITk->TE
BxdH 20, 2024 FFIBE 10 ETHRZOHBELRL TV 3,

EANC R 2 &, FE (CN) & 2015 D 159 fE5 2024 121X 599 A 2L TED, 3.8
EDMHUER LT, KT 2024 FIZ2IKRDK 56% ZHEDEHTE D, SZECHIZHIA % N7 LT
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7 3-8: UCAI OF - HuBHIFERHEIHERE (5281, 2015-2024 4F) (2/2)

AYR 15207 BA 8E £5v4 OY7T zvz-7v ounk-n BB KE 28
Year IN IT JP KR NL RU SE SG ™ US Total
2015 11 37 18 2 8 3 2 31 5 214 643
2016 20 30 20 5 8 0 2 29 2 253 646
2017 13 24 23 7 15 1 2 48 10 242 779
2018 15 48 30 14 10 2 8 51 10 255 863
2019 22 31 29 10 14 5 5 50 18 319 963
2020 20 34 32 12 17 4 5 40 11 226 784
2021 15 35 13 7 10 3 6 43 6 224 722
2022 17 44 28 25 22 6 9 38 13 222 861
2023 25 32 20 17 24 1 12 41 4 232 850
2024 20 30 22 34 24 6 6 71 7 233 1,067

W3,

KE (US) 1 2015 4ED 214 145 5 2024 1213 233 th e, HEUIZE L TV A B HURIZK L,
H11f5ice ¥ E o/, ZOM, FEIKEZBEBWVEL, UCALICBII2REEBHBTEMEZ-T
Wb,

ZOMDOFEEFTNEENILLROMD ¢

o B[H (KR) 2 - 34 (W17.015
o> UHKR—NL(SG) 31 — TIH (%9 2.3 %)
e £ F (IN) 1n# - 204 (%7 1.8 %)

HARARSE L T/MIETIES 2 500, ZE L TERE 20~30 FRREDRELMRF L THBD,
—EDHFAEEER > TV 2,

3.4.2 |JCAlICEIT3EBHEEDIER

X 3-11 1R L7z a2 — FRICEBFRZERBEFROME Z Aldt Lz, K 3-11 11 k4R, EFRERZFEORM
BIE LYK - EHIL LTV S,

B 2015-2019 FEDXITIX, KE (US) ZFDICHE (CN), 4 —2Z b5 1Y 7 (AU), #[EH (GB)
L OHENL R INS, F7z, AV FAN), £ A7)V (IL), HF & (CA) & DEE D HLEH
BV, HAR (JP) WEFITKE, 77 X, HEE O WEZFR LR > TWa25, 2 v b7 —27 Ok
WAE L TWAHIRTH 3,

% 2020-2024 FOM T, FEOHEFE Ry bV =X B IR TE Y, KEWKMA, ¥
HR=N (SG), 77 A (FR), KA (DE) 7z EEHE L KROHEZFBEBEZEROT NS Z L HRE
NTW3, RKEEZSIEHEFRLNE, — e LTHIEL TB D, ZEMEEZEDONT RT3,

—/ T, HROHFE X v + V=27 IZFRERZ IR SN T, 5l Sk = RENRHFToHLEH
o Tnd,

PlEXD, ICALIZBWTH AAAL AR, B2 10 ETHEOZELRBENEL>TED, 2024
FIIHERMEBTREE RE G EHETRHERE R o /2, KREREENILE U RREBOEHE L
Mo, EERHEELBEUTHENER-> TV, —F, HARZRERAE - HER L b1z ki
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IJCAI 2015-2019 IJCAI 2020-2024

CN

(a) JCAI 2015-2019 4 (b) IICAI 2020-2024 4F

X 3-11: DCAILZHB1) 2 [H - Hulsi R HERI (R o L

THBELTW3,

3.43 WCAIICHBITARBDRL VR

LIRTIX, K3-12 e NERE 2 HEE ((fER E ZHR) oAl s LY RIZOWTHEZICHE
G PR

NCAL X, NTHIRERMRICEI S 2 I DR % 2 ERR#TD %,

B—ELTHRIZIT—F 7, BELTHHELTVWS2F—Y—Fr LT, MNearn (33%)J 'model
(7)) lalgorithm (7 v=3V X 2)] ldata (77— %) linference (#7w) ) [representation (&
B 2R F N5, IO IIEMAYE - HEm - Bodilb ¥ o7z, AN THIBERN O MRS Rl 2R
ERBMLTED, ZEINTOFEETRELRT L LTELLTWS, ZOMHEHANX AAAL ICML
EHHFETEHDE VR B,

%72, [system]| Ttask| [structure| feature] loptimization| 72 ¥ & BETILS HEHLTED, £
TG RFHIOBLRDS—H L THIROFNI D 5 2 e D3I DA %,

BEEFZHCRAFFDRFE 2017 FtHH 5, deep (FJF) | Tneural (= 2 — F L) | Irepresentation
(££51) | Tembedding (F$AA) | Tconvolutional (BAAA) | 2y, HFEXEEED X —v— R
MRELREL, 1z 2021 F£LEEE Mransformer (b7 Y27 3 —<—) | [LLM (KFIESEE
T LW iEb HIZD, BRSSP EGRRHIC BT 2 REE T LV OIEMAERL, ICAI
THRBEFEPHMEC EREM E R oz WR S,
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Wt FBOEE L RADLELD  [reinforcement (581b) | Tpolicy (K V > —) ] bandit (N>
74 v M) lreward GREN ) 72 ¥ DFEIE 2016 FHH» S HB LR, DBLZELCHRON S, =—
P Y MRREICBI Y, BERE, SAVFRAT v TR ORELRY, S0 HERAD
SRR DEBAEA TV S LW B,

W% - BB - HREEAOBED 2020 LK, MMairness (A1) 1 Thias (N4 7 R) |
lexplanation (FERARTHEM:) | Tprivacy (77 A4 N> —) | Trrust (BHEME) | LW o 2RBED AL T
Wa,

Al ORISR T, FMIEREICIN X THREER - 22 Y MEEEER T2 Z e AEER
HRREL Lo TWB Z DI AR %,

WERL Al - TILFE—RINIBOEEE EFTLE, lgeneration| generative| 'multimodal) Itext]
limage| lvideo] 72 ¥, R Al o~V FE—ZOVILHICEET 2 ¥ — v — R2ABUSHEML TW»
%, FHZ 2022 4L, Tprompt (w7 1)y % [diffusion (LA ) LW o LGB0 BE» L, 7
17 LEERILAE TV & W o R TFEAN DB DD & £ D 355 ANN 5,

W3R - BEADOT7 FO—F [distillation (ZX¥) ] Tpruning (85%E) 1 lcompression (JEAfH)
lefficient (32 [Y) J scalable (R —Z 701) | ¥ DFED 2020 ELIEHILD L 527D, K
e 7N OEER % FAEZ 7584 - BEFEMPERICHAIN TN DS 2223500 5,

WEADPTFOZHE F£2BS 2212, Mmedical (BE#) | Mspeech (FA) | lemotion (&%) | Nurban
(&BTf) ] Troute GREE&) ) WV o - BRSNS T2 — v — R X TEBH, ANTHEED
TGO PEE - NHEDITICILD > TV BT DR TE %,

WAENHICEERDENTDE —/T, 2010 FMRFTFRICE K Aohiz MNogic Gaf)] Tontology
k> bmy—) ] Tepistemic GRIGII) 1 LW o R BUHERD X — v — FIiX, HMINI/HXL
o TETED, Fifihohoob AN HLNS,

WE UCALICBUII BRI L RIE, 2015 FE5 5 2024 FI2hF T, WY - REEE 2+
INTHELEFT 20 S, HRNRECICATTEANOMNEEIRDIAATE R Z e bD %, HET
X, R AL - BRAATREE - NP Vo iz, ARHLO ATBIRE SRS 20587 — <2 —EEE
o TED, 5% ZOPMAUINET 2 JREED E,
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3.5 NeurlPS (Neural Information Processing Systems)

3.5.1 NeurlPS [Z&T3E - g HERERDOHRE
Trends of NeurIPS

n 2,500

[

(&)

o 4,000 6‘

© i [

a 2,000 ©
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©
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() D

: !

< 1,000 -2,0008

[T

o N

o i r1,000o

5 500 ’ o

e S

£ w0

=)

= (0] O

2
™
q9
AT AU CA CH o CN DE ES
Country Code FR - GB IL o—IN IT KR NL
RU SE SG W —e—US -—e—]JP ----: Total

3-13: NeurIPS D [FH - AL ALHER (2015-2024 4F)

3 3-9: NeurIPS D [FE - HUBFIREZAEBHERS (528, 2015-2024 ) (1/2)

A=2bu7 A-z2rs597 AFHE XA R FIE RAY 2RTY TS5V BE 25T 28

Year AT AU CA CH CN DE ES FR GB IL Total
2015 4 13 31 24 27 35 1 24 57 13 403
2016 9 9 40 31 53 37 4 37 89 22 569
2017 7 16 43 42 75 36 5 51 122 31 679
2018 8 31 75 48 167 53 6 67 163 40 1,009
2019 14 50 113 73 219 92 10 110 226 57 1,428
2020 13 56 132 119 306 103 9 116 323 59 1,898
2021 34 69 180 131 476 160 13 152 385 87 2,334
2022 25 117 233 168 789 188 23 167 401 82 2,901
2023 36 136 283 207 1,041 251 25 152 502 112 3,585
2024 39 161 329 209 1,739 305 43 199 586 95 4,538

3-13 BX £ 3-9,3-10 12 X % &, NeurIPS IZB1F 2 ¥FERAHUZL 2015 FD 403 Hh5 2024
FITIT 4,538 EA R L3 FHICEmML Tsh, FTEEBRKFOPTTHRELLHEZZRTF TV,

RO FEREBHZL N DITKE (US) THH, 2015 1213 304 72 o 7228, 2024 4121 2,454 1
YR8 AFDBMEFER L TV 5, 2RICHD2EEIFFELZBES T IBALT0EH0D, KA
¥ UCHEBINARRERERE R L TV 5,
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7% 3-10: NeurIPS O[F - HUBRIFERAKIHER (525, 2015-2024 ) (2/2)

AR 1207 HA 8E 354 OY7 zvz-7v svir-n BE KE 2%

Year IN IT JP KR NL RU SE SG T™W US Total
2015 13 8 10 8 7 6 6 5 1 304 403
2016 9 8 16 12 12 7 2 8 3 428 569
2017 9 16 28 10 12 6 8 13 3 516 679
2018 17 22 25 34 9 12 11 17 6 717 1,009
2019 24 25 39 33 29 16 16 37 8 1,040 1,428
2020 28 29 55 63 30 20 15 54 8 1,335 1,898
2021 44 35 68 90 41 26 25 90 16 1,588 2,334
2022 60 55 93 112 59 38 34 117 15 1,829 2,901
2023 72 67 109 171 90 39 44 199 19 2,192 3,585
2024 60 94 135 196 91 51 40 295 38 2,454 4,538

RIHEIMDPE L WOIFHE (CN) TH D, 2015 FD 27 205 2024 FFi2i% 1,739 thA ZHE L,
5 64.4 IR U e BRI 2021 FELIEDOMHTUNIEE L &, NeurlPS ICBIF 2 HEDHE _MEFHK L
TW3,

ZOMmoFEEOEANILATOED !

o VHR=NL(SG) S5 — 295#  (§59.0 f%)
o B[H (KR) 81 — 196fF (¥ 24.51%)
o HA (JP) o# - 1354 ®13.5)
e 71+ X (CA) 31— 329fF  (8910.6 %)
e Ji[H (GB) 57 — 586fF  (#910.3 %)
e 75 > Z (FR) 24 — 199t (9 8.3 f%)
e { > F (IN) 13 - 60 (¥ 4.6 %)

HARMO TR e LTRCK - RENCEEL T/hE Wb oo, 10 FE/BIT 13 EL EoE%R
RIFTBY, EELMUERETCNS,

3.5.2 NeurlPS ICHT ZEBEEZEDIER

3-14 1R L7z a— FRICEBEHFBEROME 2 it Uz, 2 B2 s % &, NeurlPS 12
B 2 EFEHE IR 28 U CHEBF IR L TV 5,

B 2015-2019 £ DK TIE, KE (US) ZHuUbiZ, #E (GB), 77 >~ & (FR), #F+ X (CA)
CRCKEEE & O KWL FRDHRTE 5, £/, KE (US) HE (CN) ORIC D KWIHER D
RBTED, Zofl, 1 27T (L) A > F (IN) t HEFES R Sh 30, KKEOHZFICERS
E AR,

%Y 2020-2024 Fice B v, HFEBRIEIH S 2 IS ERBN 2 DHF M LIE T, FHEDEK
KA TS > HHE—) (SG) R#E (KR), 4>~ F (IN) 227 7HB L OfEU> = 25l TW»
ZERTHRTEN S, Y B R—PEESHLFHRIKRL Lo TED, MRANLL L TOFERE
D TW5,

HZA (JP) 0HEZFERRZ, KESHEL O S FEL TV E23, 2L LTI EL5WHEEI
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NeurIPS 2015-2019 NeurIPS 2020-2024
AU

N2

(a) NeurIPS 2015-2019 £ (b) NeurIPS 2020-2024 4

X| 3-14: NeurIPS (251} 3 [# - s[5 B (R o FLig

‘L, MENCHARTHEZEOIED D IIRENTH %,

BLEED, NeurlPS 1ZZ D 10 FRITHE - 2L BITELIRRLTED, BRAKTIZK
E MR L L THLMIN 2 (5 32— T, FEOZEBREEIEL > TV, BRMNGEES S FX
SEELTED, 7YV7HEO LY ABFELILARLTWD, HARS HERAFDH TIIR X LK
R2ZRT70, #£3F Xy PV —27OMEL WIS BR T, %S 542 EEEEED KD 502 R
ZH 5,

3.5.3 NeurlPSIZHITZ2ARABDO L VR

PUFTIE, M 3-15 EWiRE 72 2 §i5E (N E ) 2 o5iAaMi s b L ¥ FIZOoW TS ICiE
AZ A 2o

NeurIPS i, B°ZE 1B S 2 RITIm DM LA R X 5 FERETDH %,

B—ELTHETZT—F NeurlPS iIZBWTIX, F£&2EUT lNearn (%%%)] model (£F )]
data (¥ —%&) ) loptimization (Fi#{t) | linference (HE3@) ) lgradient (AJEL) J lalgorithm (7L
TYRL) ] o TR OFRERIEEHICEHETES L TE D, thoRw e R R
EAR & TR TED BT H3HERE L TR DD H 5 Z D35 D3R %o

%7z, [lrepresentation (FHi)] lfeature (Fif8) ) lstructure (FE) ) LWV o ZGEd EFHANITKZ
CERENTBD, BHMEERORHEATDHZ ZeAF—TU— P25 bR 5,

WEEFBCERETILOERL 2 THMoZHEFAMIC 2016 FEEHD S, Tdeep (FE) J Mneural
(=2 —71) ] representation (X¥1) | Tembedding (H&IAA) | 72 ¥ DFENKE L 72 D bk, 2020
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LR Transformer (b5 Y X7 4 —<—) ] lgeneration (/) [LLM (KHBSFEET L) ]
BREDPELETH L5 ->TVE, U, HR - SiEAHEICET 2REFET T VORE, 725
CICKHIREFEET L (LLM) OfRZRM LD EZ 6N 5,

¥ 7z, Idiffusion (580 ) generative (42f%)J Tmultimodal (RVFE—X)L) ) Y, A Al
WCHE S ZEE D 2022 FLFRICHEZF IR S5, NeurlPS THAEMRM Y 7o —Fh—KTF—< o
TW3ZeDnn %,

W tFBEERREDERM reinforcement (58{t) | Tpolicy (KV > —)J bandit (N> F 1 v
)1 Treward GEREM) ) 7 & oisfb 2 BICBT 258 ZE L THE L TH D, HIREE, BERRE,
7 — LRI T 2 B FE AR S, RIS Tregret (7218) 1 Texploration (3f3R) | ¥ d
FELHHELTEBY, ¥ IR EREREDWEDSITEDERITIZ > TV B TD 5,

BTN - TSNS — - BB ADMIG 2020 FELIFEIE, NeurlPS iI28 W TS [fairness (8
) J Thias (N4 7 R) ) Tprivacy (7 A4 N3 —) | Texplanation (FiFAME) | 72 ¥ DFEHH~KY
AXTHIET 2 &5127%D, Al OfMBEIEESLHINZAEEPEBRRMAER L ZoTVWiH L
iRy pYILR

& 512, Trobustness (FEfEM) ] luncertainty CRHEFEME) ) lreliability (BHME) ) REHZ LA
5, NeurlPS (2B 2 A HEMMERED A7 & TEFEMEPLZ Y M LEEMT 2 L 51Tk
TWBZ Db,

WHEM - X7 -5 T - BE{DOER lefficient (B3 (k) lscalable (R 7 —F TL) |
fcompression (JEff) | [distillation (X&) lpruning (B57€) | 2 ¥ DFEHELMEMLTE D, K
BEF L2 HEMICEH S 272D DET VLS - mdil « HIRICFEANOBOLAEE > Tnd &
A%, DEDEFHAR PR EYHIRZEH L 72 FZHE R O e HENIMEIC D 5,

WIERENT CEREMDIEZR  [generalization (LK) Tconvergence (UXP)J bound (FE5E) .y lap-
proximation (D) ) Tcomplexity GEHEM:) | 72 ¥ DFENLE L TEMEETHIR L TED, NeurlPS
2B BB DFEEDIERE TR Z W b avbh %, BHSINLIERE O BRER AT o L@ e
DIWRIRFE A &, R ¢ SRR O R A RICE T 2MAENZHA SN 5,

WICAEBEEOLEND  Hig - SEEOEFTFICA, Tvideo) M3dJ speech) lscenel medicall
Thuman ] Trobotics| 72 & DFESHIALTE D, JSHPEOIA L EHFTOMEHZ Ei#k L 725D
BENS P2 5, %72, benchmark (R F<—2) ] levaluation (FHii)] ldataset (F—&t v
P EWVoZiBb RELSRoTED, FHEM L FHMEEDBfH EEM X TV 2 ATREMEATE WV,

WASHE  NeurlPS (231 2 WF5EEANX, FEBEFLE & JOHBAT O M2 FE T 5. BIAANICIX 2015
FHORE - RIS S, REFEYE, ARET L, BUEE, 2L T HEREEE v
TALRHRZE T & Lan % AN, BRIGELZZRTTW2 L5ICRZ %,
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3.6 =Zi&ER

2000 FERD B F 5 725 3 K AL 7— 4 & b F N BHES O N THIBERE DR 2025 FHIE
BEZTELT, I9 LAHEAEZT TRERITBIT 2 HRED M Tn s,

Fiz, AAAL DCALZHEDMHOIZEFILTBD, RELFEERZRILTWVS, flZIX, AAAI
TOPREDFEEFRIE 10 £/ T +1,396 #F, F 12 FFEWMLTW3, —F, ZALDORETE
WOKENZHFEICR S REEAMTH 2D 0D, HEEHEIXVOMBOEACH 5, £z, FEEK
EoHZOHBDKE L, HEOEERBEGRENFARN S,

WA % BRI L 3%, NeurlPS, ICML %, =— =¥ & EFHEE 35 AAMAS Tl 2024
FERFRICBOVTHREDNEMZR->TED, HEMOERSR->TW3H, ZZTHHEDEW L
FIX LWV B2, NeurlPS TIEEMZEW TP E LN, FEOERELIIZ D 10 4£T +1,712
f, %9 64 AR, 25 LM%, KED> = 713 2015 FD 75% 5 5 54% KR LT
Wb,

AAMAS TiE, KEIZHWTEL 2% 5O TWRHEED 2024 £ EICE» R, DWW 3 i
WHRE L TW S, 251, 41234 Yy FHHHELTWSE Zeh 6, HilEAKOREHTOENIND
ZAL D DR B,

HAR L OBIfRTIX, HROXFTHREOSWABOW ETAR SN TED, 2015 FRETIEHA
PEEZ LRl TW2d 00, 2024 FRE TIIEBORHRTHED HA%Z LAY, AAAI TIZH
RO 38 R LT, #ENE 110 e 3 fFOREBICKR > TWD (2015 FETEHA 20 #, #E
81, Zoofth, U HR—NOHBUPHFHIMET 5,

NABD FL Y FE LT, ZA4 PLDADHWIH LAIToTWiRWe, YORFETHL
BRSO 2, Thbb, HEEEZODDH S5 LLM ANOHEIKOZE(L, G« 774 N> —1Z
B3 255 DM, Vo LMEANGANNS, £z, ZLORRTHRILEBENDEHIEE - T
W BIEAIS 5 DR Tz,
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2015 4E72 5 2024 F£D 10 412517 T, AAAL AAMAS, ICML, IJCAI NeurIPS ¥\ 5 55D A
THIBERSE#H + v T 7 7 LY ATIEVWTNBHERED KX ML TEHD, & hbiF NeurlPS
1403 B 5 4,538 AL 113 FHEEHM L 720 25 LS RmOUEIIME#ES | Lz0ixF L
LTHEEKETHD, AAAL UCAL &\ o7z NTHIBEEMZ MG L LR CidHEDSKE %
RELGIZHEL TEHAMIIZL o TV, 20—/, EMEER (ICML, NeurlPS) = — = > + R
(AAMAS) TIZKREDMRA L v TEHEFR L TW5, 72720, ZZTHREDY = 7IFFELKTRL,
HEDBW EFPEETH 2,

BRRNZIE AAAL THENZ 2024 12 1,526 fFzadix L, KE (498 fF) D 35l ke is o7,
NeurIPS T & K[E 2,454 120 U THED 1,739 & BaRICEZFED TV 5, AAMAS TIEKED
B EREOD DD, EE 2 M- 25 E D 2024 FICHEICHER XN 3MICKBL, 40024 v F
DEET 57, BARKCAEb Ron b,

FEREHE A Y b7 — 7 TIERPEELRR KO T Yy D TH D DD, 2020 FRICA> TS U HKR—
Lo BRE - 4 Y ROATC L TEMLET Ue —77, HARGAEEHES LOOb AR — FiC
Y% 5,
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T A JBRTEBOBE

K2-VTRLEBRAD 2 WVIRFEMEITOVWT, ZNENORHE - AN LD X 57200, %
FA MBI B ) BRI R 2 LTSRS,

A.1  AAAI
H #: https://aaai.org/about-aaai/
A1l [EX

About the Association for the Advancement of Artificial Intelligence (AAAI) Member Organi-
zation

The Association for the Advancement of Artificial Intelligence (AAAI) is the premier scientific
society dedicated to advancing the scientific understanding of the mechanisms underlying thought and
intelligent behavior and their embodiment in machines.

Founded in 1979, the Association for the Advancement of Artificial Intelligence (AAAI) (formerly the
American Association for Artificial Intelligence) is a nonprofit scientific society devoted to advancing
the scientific understanding of the mechanisms underlying thought and intelligent behavior and their

embodiment in machines.

A1.2 HWEIR

ATHEEHEER S (AAAD) MEEMERICDOWT

NTHIBE S (AAAD X, BELHATHORB L 2 X D=1, 25 OEHADEMK
WZOWTORENIIREZ ED 2 Z L ICEZRT 5, —THOREHKTY,

1979 £EIZROL X Nz NTHIBEH 2 (AAATL) (IHFF: KE A THIEEH ) 1. BE 2 AN T8 0 H %
EIRBA TN RN ZND DM D BERICEE S 2 BPER R 2 R 5 Z e 2 B L IFER
DORFEEIRT T,

A.2 AAMAS/IFAAMAS

Hi#L: https://www.ifaamas.org/

A21 [EX
The International Foundation for Autonomous Agents and Multiagent Systems (IFAAMAS) is a
non-profit organization whose purpose is to promote science and technology in the areas of artificial

intelligence, autonomous agents and multiagent systems.
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IFAAMAS

sponsors the annual International Conference on Autonomous Agents and Multiagent Systems (AA-
MAS).

The AAMAS conference series was initiated in 2002 as a merger of three highly respected individ-
ual conferences: AGENTS (International Conference on Autonomous Agents), ICMAS (International
Conference on Multi-Agent Systems), and ATAL (International Workshop on Agent Theories, Ar-
chitectures, and Languages). The aim of the joint conference is to provide a single, high-profile,
internationally renowned forum for research in the theory and practice of autonomous agents and

multiagent systems.

A2.2 HWEIR

EREHHEL—Y 2y b BIUOSILFI—Y 2 b 27 AME (IFAAMAS) (&, ATHIRE. B
I—YzY b, YAFI—IV Y I RTLOFEFICB Z2REEITOMREE HIY L 3 2 IEEFIH
RT3,
IFAAMAS

HHEL-Yz Y bBIUTALF I -V v bR T7AICHET 2EBESFE (AAMAS) % 8E T
LTWVWET, AAMAS 2> U —Xi&. AGENTS (Hft=— = > MCBET 2 FHIERH) . ICMAS
(RNVFZ—T 2V P RTACHETIEERHE) . ATAL (=Y =Y MR, 7—F 77 F v,
SRICHTIEEY -7 ayY) i, ZhZhEVIHEiZETWVW2 3 DDOREEZMEL T
2002 FFICHtREINE Lz, ZORRAIKFEOHME, AR —Y 2 Y b BLXUTALF Iz b
Y RAT LM FBRICH T DD 0, HERMICESLR, po—TulbEehie T +—F L%z
3z TI,

A.3 ICML
Hi#: https://icml.cc/About
A3.1 EX
About ICML

The International Conference on Machine Learning (ICML) is the premier gathering of professionals
dedicated to the advancement of the branch of artificial intelligence known as machine learning.

ICML is globally renowned for presenting and publishing cutting-edge research on all aspects of
machine learning used in closely related areas like artificial intelligence, statistics and data science, as
well as important application areas such as machine vision, computational biology, speech recognition,
and robotics.

ICML is one of the fastest growing artificial intelligence conferences in the world. Participants at
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ICML span a wide range of backgrounds, from academic and industrial researchers, to entrepreneurs
and engineers, to graduate students and postdocs.

ICML uses cookies for essential functions only. We do not sell your personal information.

A3.2 HEIMENR

ICML DWW T

EFREI A 223 (ICML) X, HMEE & LTS3 ATHIBEO BT ORBICHE ST 2 HMEK
PEELIREDRAETT,

ICML 13, NTHIGE, #idt, 77— &Z A L AR DERHFICEEL 7278, BXU~> ¥ BV s
. BHEAEYY, SERM. oAy PI¥RYOEERZISHIH THEAINIEREE OS50 B
I 2 BE 3 2 R OMAZHRB LURH L TW5 Z e THANICEATT,

ICML &, A TR ZEIHELTWA NTHEES > 7 7 L Y AD—DTT, ICML OSIN#E
X, MR CEEROMILE, BER, oo =7, RERE. RARIZRE, BILEWAY 2
750 Y REFOANADPSIL TVWET,

A.4 |JCAI
Hi#: https://www.ijcai.org/aboutIJCAI
A4l [EX
About IJCAI

International Joint Conferences on Artificial Intelligence is a non-profit corporation founded in
California, in 1969 for scientific and educational purposes, including dissemination of information
on Artificial Intelligence at conferences in which cutting-edge scientific results are presented and
through dissemination of materials presented at these meetings in form of Proceedings, books, video
recordings, and other educational materials. IJCAI conferences present premier international gatherings
of Al researchers and practitioners. IJCAI conferences were held biennially in odd-numbered years
since 1969. They are sponsored jointly by International Joint Conferences on Artificial Intelligence
Organization (IJCAI), and the national Al societie(s) of the host nation(s).

Starting with 2016, IJCAI conferences are held annually.

A42 HEWEIR

IJCAI ICDWT

FEBX A THIBES R (DCAD &, 1969 FICH U 7 4 )L =7 T I N2IEERFART, &
IHORPEMBRPHER I N2 RBCTATHREICHE T2 HRE LR T2 22, INODORHETHRE
Sh-ERZ#ER. B EFARE, ZoMOBBEBROBTEN T RE, R¥LHE
DHWDH D £3, UCAI Rikld. Al OMFAHE & EEREN —HICRT 2EBENZRHETT, UCAI
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DX 1969 LK, BEEIC 2EZLICHEIATVE T, ERATHESRSHEE (UCAD
CEEE O 2E AN THREEEPHFEITEM L TVWET,
IICAI &#1X 2016 £ SEERE I LTV E T,

A.5 NeurlPS
Hi#: https://neurips.cc/About
A51 REX

About the Conference

The conference was founded in 1987 and is now a multi-track interdisciplinary annual meeting that
includes invited talks, demonstrations, symposia, and oral and poster presentations of refereed papers.
Along with the conference is a professional exposition focusing on machine learning in practice, a
series of tutorials, and topical workshops that provide a less formal setting for the exchange of ideas.

NeurIPS uses cookies for essential functions only. We do not sell your personal information.

A5.2 HWEIR

KEICDOVT

CORHIT 1987 IR SN, BIETIHARGEH, 72V AL —Yay, YVRIVA &
TR AL DOEERB L URRZ KRR EED, 2HHROLIERRHBE R TVET,
RHRITIMZA T, BMEE OFERICELLZY TAEMARICL 25, —HEDF2—-rY 7L, ZLT
EDIDaTNRTATTIRIDGE kD Vv IRV -0 ay THRBINE T,

37


https://neurips.cc/About

1 B BRRDHEREY, HIRLQRL

BRMOEEE, FHE, BIRERE, AOWMITBVTINELRERE, 206 DERREICD
WTEED D,

FA 152 B-1: AAAT OFRIRRE:

F  BRR BRE OERE 9nR 25 RERS, s
2015 1,991 531 26.7% 532 https://github.com/lixin4ever/Conference-Acceptance-Rate
2016 2,132 549 25.8% 551 2 https://github.com/lixin4ever/Conference-Acceptance-Rate
2017 2,590 638 24.6% 642 4 https://github.com/lixin4ever/Conference-Acceptance-Rate
2018 3,800 933 24.6% 924 -9 https://github.com/lixin4ever/Conference-Acceptance-Rate
2019 7,095 1,150 16.2% 1,146 -4 https://github.com/lixin4ever/Conference-Acceptance-Rate
2020 7,737 1,591 20.6% 1,607 16 https://github.com/lixin4ever/Conference-Acceptance-Rate
2021 7,911 1,692 21.4% 1,653 -39 https://papercopilot.com/statistics/aaai-statistics/
2022 9,020 1,349 15.0% 1,318 -31 https://papercopilot.com/statistics/aaai-statistics/
2023 8,777 1,721 19.6% 1,715 -6 https://papercopilot.com/statistics/aaai-statistics/
2024 9,862 2,342 23.7% 2,331 -11 https://papercopilot.com/statistics/aaai-statistics/

FF5k B-2: AAMAS OFHRERE

F  BRE BRE OERRE 9nR EH RERS, B
2015 670 108 16.1% 361 253 https://dl.acm.org/doi/10.5555/2772879
2016 550 137  24.9% 282 145 https://dl.acm.org/doi/10.5555/2936924
2017 567 155 27.3% 319 164 https://dl.acm.org/doi/10.5555/3091125
2018 743 190 25.6% 390 200 https://dl.acm.org/doi/10.5555/3237383
2019 793 193 24.3% 438 245 https://dl.acm.org/doi/10.5555/3306127
2020 808 186 23.0% 369 183 https://dl.acm.org/doi/10.5555/3398761
2021 612 152 24.8% 305 153 https://dl.acm.org/doi/10.5555/3463952
2022 615 166 27.0% 306 140 https://dl.acm.org/doi/10.5555/3535850
2023 978 237 24.2% 528 291 https://dl.acm.org/doi/10.5555/3545946
2024 1,113 230 20.7% 460 230 https://dl.acm.org/doi/10.5555/3635637

FAF5k B-3: ICML OFIREE

F R BRE RRE o9 25 KRS, A
2015 1,037 270 26.0% 268 -2 https://github.com/lixin4ever/Conference-Acceptance-Rate
2016 1,342 322 24.0% 321 -1 https://github.com/lixin4ever/Conference-Acceptance-Rate
2017 1,676 434  25.9% 434 O https://papercopilot.com/statistics/icml-statistics/
2018 2,473 621 25.1% 621 O https://papercopilot.com/statistics/icml-statistics/
2019 3,424 774 22.6% 773 -1 https://papercopilot.com/statistics/icml-statistics/
2020 4,990 1,088 21.8% 1,084 -4 https://papercopilot.com/statistics/icml-statistics/
2021 5,513 1,184 21.5% 1,183 -1 https://papercopilot.com/statistics/icml-statistics/
2022 5,630 1,233 21.9% 1,233 O https://papercopilot.com/statistics/icml-statistics/
2023 6,538 1,828 28.0% 1,865 37 https://papercopilot.com/statistics/icml-statistics/
2024 9,653 2,609 27.0% 2,634 25 https://papercopilot.com/statistics/icml-statistics/
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{157 B-4: IICAI DR RLE
T B’EH  HIRE FIRx SR EH R’RERE, HR

2015 1,996 572 28.7% 643 71 https://github.com/lixin4ever/Conference-Acceptance-Rate
2016 2,294 551 24.0% 646 95 https://github.com/lixin4ever/Conference-Acceptance-Rate
2017 2,540 660 26.0% 779 119 https://github.com/lixin4ever/Conference-Acceptance-Rate
2018 3,470 710 20.5% 863 153 https://github.com/lixin4ever/Conference-Acceptance-Rate
2019 4,752 850 17.9% 963 113 https://github.com/lixin4ever/Conference-Acceptance-Rate
2020 4,717 592 12.6% 784 192 https://github.com/lixin4ever/Conference-Acceptance-Rate
2021 4,204 587 14.0% 722 135 https://github.com/lixin4ever/Conference-Acceptance-Rate
2022 4,535 679 15.0% 861 182 https://github.com/lixin4ever/Conference-Acceptance-Rate
2023 4,566 643 14.1% 850 207 https://github.com/lixin4ever/Conference-Acceptance-Rate
2024 - 740 - 1,067 327

FAF5% B-5: NeurlPS OFIRHEE
F Rl KRB RRE g 25 KRS, H#

2015 1,838 403 21.9% 403 O https://github.com/lixin4ever/Conference-Acceptance-Rate
2016 2,403 568 23.6% 569 1 https://github.com/lixin4ever/Conference-Acceptance-Rate
2017 3,240 678 20.9% 679 1 https://github.com/lixind4ever/Conference-Acceptance-Rate
2018 4,856 1,011 20.8% 1,009 -2 https://github.com/lixin4ever/Conference-Acceptance-Rate
2019 6,743 1,428 21.2% 1,428 O https://github.com/lixin4ever/Conference-Acceptance-Rate
2020 9,467 1,898 20.0% 1,898 O https://neurips.cc/media/Press/NeurIPS_2020-Fact_Sheet.pdf
2021 9,122 2,344 25.7% 2,334 -10 https://github.com/lixin4ever/Conference-Acceptance-Rate
2022 9,634 2,905 30.2% 2,901 —4 https://media.neurips.cc/Conferences/NeurIPS2022/NeurIPS_2022_Fact_Sheet.pdf

2023 13,330 3,540 26.6% 3,585 45 https://media.neurips.cc/Conferences/NeurIPS2023/NeurIPS2023-Fact_Sheet.pdf
2024 17 , 491 4 , 497 25.7% 4 , 538 4] https://media.neurips.cc/Conferences/NeurIPS2024/NeurIPS2024-Fact_Sheet.pdf

FAF8% B-1 1R L7z AAALLE, S0, IUEXTS % Main Track 72 81 - 7272, RN OEFIREL
Y DEDH/NE, 5% B-3 1R L7 ICML & AROFRE L 1FIE—H L TV 3,

FAtiRk B-2, 5% B-4 12 ZNZHIUR LTz AAMAS, TICALIZZEDHAKRZ WD, ZORRFHICD
W EEa 2 F 2 S BIRICB VT D Main Track LA DHERDEDTWBE 720, ZOEEIZL 5,

Atk B-5 @ NeurIPS 13 ICML & [F U < FEERMD APLZRAHLTTF—&ZBE LTV
23, 2023 4, 2024 FD 2 FIZBVTRREAHAREL BoTWVWDS, F/z, 2021 F2> 5 “datasets
and benchmarks track” 23#TaX S 41, Z OB EEENHEA LT R > TV B RICHDEEDVET
H3,

TaT—F 4 VT ADT =R EPWESMN L TNB T, AoiTe Zh s DROBUEICIZZ DD
ZBRLNZBDD, EARWLREMNIAHLTED, - HRlo~ 7 ok#mziiiEs s v
HENCBEL T, ToRBELEZ N5,

¥ 72, UCAI O DEMER D 51%, WhHww 2 “Main Track” DFHEREKRIIEML TV 5 DA
753, “Doctoral Consortium Track” 72 &, TZ D] DOFRT BILK « I L TWB Z & HFiAH
N3,
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18 C FfE

—RANC, EEEFRICBOWTIIREERD & OBRMEIE 2 2HAH 5, 2k, HENR T 7+
AMBGIZZ e, HHBIMERE R A V=55 OB LB NI R Y, BHOERICERT 2,
ZIT, BEFTIREIROMHZRMNERC-1 1T D,

R gk C-1: BRIRDFMEH

FE  AAAI AAMAS ICML IJCAI NeurIPS
015 F—=RF 4 122> T—)L U= TJI/ZAT7ALZR EVRUF—)L
CKE; US) (kJL3; TR) (75225 FR) (FILEYF>; AR) (hF+4; CA)
5016 TJIZvUR SUFE—IL: SG Za—3—7 Za—3—7 NLteo+
CKE; US) ’ CKE; US) CKE; US) (RR1>; ES)
017 H$r75>20 P Z2Als| SRZ— XILRIL OvJe—7
CRE; US) (52 BZ) (=250 7; AU) (A= +Z1U7; AU) CRE; US)
So18 Za—F—UYX Z Ry AL LT 2Ry ALLT 2y oRILLT EVRUA—IL
CKE; US) (RT—F>; SE) (RT—F>; SE) (Roxz—7>; SE) (h+4; CA)
010 AL EVRUA—IL OyvJe—+ <hF N —N—
CKkE; US) (h+4; CA) CKE; US) (FFE; CN) (h+4; CA)
2020 =2—3-7 Fr500 E EA R0 PR O
CKE; US)
2021 A5y F2Sq> FrS1y ErhUA—L TSy
(hF4; CA)
092 N —]N— o5 RILFET Y= Za—F—-UrX
(h+4; CA) CKE; US) (A= RUT; AT) CKE; US)
2023 7>y h>D.C. mA S KL <hH Za—F-UvX
CKE; US) (%E; GB) CKE; US) (FRE; CN) CKE; US)
2024 N> —N— =0 UR V= HEMNBE N> —N—
(h+4; CA) (Za—Y—=32K; N2) (A= LUT; AT) (8#E; KR) (h+4; CA)

ALIEMEA—I SV R (Za—I=FVF; NZ) BETE, «2: S99 (B4; IP) BETE, +3:HMEN> o —N— (hF4; CA) BEFE
t 2018%Fl$ AL in Stockholm) & L TRV —7 > CAIREN EFBHME. AAMASL ICMLIFBRRSE—

40



48 D
AAAI

D.1

HERRT —&

F148% D-1: AAATL O EIEL

AAAI - Y2015-2019, 15 Countries/Regions

AU CA CH CN DE FR GB IL IN IT Jp KR NL SG
CA 7
CH 2 3
CN 100 38 6
DE 10 9 3 11
FR 7 2 2 10 2
GB 14 15 5 63 27 13
IL 1 7 3 6 3 12
IN 0 1 1 2 2 3 0
IT 4 1 1 6 6 17 1 0
Jp 3 3 1 10 2 4 10 0 0 0
KR 0 1 0 11 1 1 2 0 1 0 0
NL 2 0 0 5 3 0 6 0 0 1 0 0
SG 9 3 3 85 5 2 7 1 5 2 2 1 2
us 51 41 270884 30 13 53 28 40 21 19 17 5 56
AAAI - Y2020-2024, 15 Countries/Regions
AU CA CH CN DE FR GB IL IN IT JP KR NL SG
CA 11
CH 2 3
cN| 230 157 43
DE 16 7 8 48
FR 12 9 4 53 16
GB 22 24 12 178 39 18
IL 1 4 5 2 8 1 13
IN 4 7 2 11 6 4 16 0
IT 3 3 6 12 12 10 18 1 0
p 9 4 2 57 5 9 7 0 0 1
KR 3 3 1 19 3 1 10 1 2 2 1
NL 6 0 3 21 12 2 11 2 1 1 0 1
SG 23 15 30 242 16 38 26 3 10 2 12 7 2
us 67 105 41 N4 66 49 132 36 60 17 31 69 19 81
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AAMAS - Y2015-2019, 15 Countries/Regions
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ICML
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ICML - Y2015-2019, 15 Countries/Regions

AU CA CH CN DE FR GB IL IN IT JP KR NL SG
CA 4
CcH 1 1
CN 7 8 6
DE 3 6 11 8
FR 4 6 9 8 9
GB 7 36 15 22 25 18
IL 0 1 6 3 1 2 5
IN 1 0 0 3 2 0 4 1
IT 0 0 0 0 3 4 7 3 3
p 4 2 1 6 4 4 6 0 1 0
KR 2 1 2 3 1 3 6 1 0 0 0
NL 1 2 1 1 1 0 16 1 0 0 0 0
SG 1 0 1 8 4 0 3 1 0 0 1 0 1
us 23 82 55 127 68 531186 52 21 17 16 32 21 17
ICML - Y2020-2024, 15 Countries/Regions
AU CA CH CN DE FR GB IL IN IT P KR NL SG
CA 7
CH 5 22
CN 36 102 55
DE 9 30 63 57
FR 2 27 40 40 28
GB 28 120 59 128 70 75
IL 0 14 13 13 20 14 28
IN 2 5 3 5 5 4 15 4
IT 0 2 7 8 4 16 22 3 0
p 33 13 7 77 9 14 24 3 1
KR 3 13 3 11 5 4 33 3 1 5
NL 0 9 7 19 17 13 35 3 1 10 4 0
SG 12 16 3 116 4 8 23 5 6 0 14 2 3
us 85 342 157 88 229 164 602 158 77 62 73 147 74 111
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IJCAI

FA15% D-4: UCAI oL [A1 %%

IJCAI - Y2015-2019, 15 Countries/Regions
AU CA CH CN DE FR GB IL IN IT Jp KR NL SG

CA 5

CH 6 2

CN 115 39 7

DE 13 4 7 4

FR 10 6 3 11 13

GB 25 14 8 72 36 26

IL 3 8 1 3 0 16

IN 1 0 0 0 0 4 4

IT 7 0 2 2 8 11 30 2 1

Jp 3 1 2 16 2 6 8 0 0 0

KR 0 1 0 6 1 0 1 0 0 0 0

NL 2 4 1 3 4 4 8 0 0 2 0 0

SG 17 5 0 97 0 3 14 3 4 1 2 2 2

us 59 37 13 288 23 16 51 30 19 12 11 9 5 39
IJCAI - Y2020-2024, 15 Countries/Regions

AU CA CH CN DE FR GB IL IN IT Jp KR NL SG

CA 7

CH 3 3

CN 138 63 12

DE 5 10 7 22

FR 6 8 3 34 19

GB 23 11 5 81 28 16

IL 1 6 0 1 7 4 9

IN 0 2 1 1 2 4 8 4

IT 11 3 5 12 14 18 27 1 3

Jp 4 6 0 38 2 5 8 1 1 3

KR 0 1 0 12 2 2 3 1 1 0

NL 8 1 0 13 15 10 18 2 0 4 1

SG 8 14 2 126 8 2 15 3 7 0 4 2

us 42 44 19 46 31 75 28 33 20 15 23 15 35
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D.5 NeurlPS

8% D-5: NeurIPS D32 EI%L

NeurIPS - Y2015-2019, 15 Countries/Regions

AU CA CcH CN DE FR GB IL IN IT P KR NL SG
CA 8
CcH 10
CN 31 25 18
DE 3 17 26 19
FR 3 18 26 13 17
GB 19 84 21 48 43 38
IL 0 15 15 13 4 5 15
IN 0 0 1 6 5 4 3 1
IT 0 4 3 3 6 20 18 0 1
p 7 3 5 7 2 7 15 1 1 1
KR 0 8 0 4 4 4 7 1 0 0 4
NL 0 4 3 4 5 7 14 1 1 0 0 0
SG 4 0 2 28 5 0 6 2 2 1 1 0 0
us 67 191 104 307 138 12900864 100 53 44 41 45 46 42
NeurIPS - Y2020-2024, 15 Countries/Regions
AU CA CH CN DE FR GB IL IN IT P KR NL SG
CA 28
CH 21 55
CN| 272 252 104
DE 19 77 120 114
FR 15 64 78 95 56
GB 70 234 132 342 157 129
IL 4 17 28 28 24 17 47
IN 9 14 13 44 28 9 32 3
IT 6 26 30 26 35 35 72 14 1
p a7 29 5 127 18 14 35 3 4 0
KR 6 29 13 34 23 20 48 4 8 5 12
NL 6 20 18 52 35 19 53 2 6 5 3 1
SG 41 40 21 396 19 25 76 8 15 9 30 8 5
us| 194 696 390 N6 465 337 1,189 294 150 99 188 268 136 312
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AAAI
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G

AAAI O HIRE

A5k E-1

Word Count - AAAI
# Y2015 Y2016 Y2017 Y2018 Y2019 Y2020 Y2021 Y2022 Y2023 Y2024
1 learn 89 learn 121 learn 134 learn 232 learn 266 learn 379 learn 427 learn 350 learn 486 learn 605
2 model 71 model 65 network 69 network 149| network 199 network 277 network 252 network 164 network 191 model 308
3 base 48 use 55 model 51 model 94 neural 116/ multi 159 model 152 model 132 graph 169 multi 260
4 via 35 network 51 neural 45 multi 91 base 115  base 151 neural 145 via 123 via 168 via 231
5 use 33 base 38 base 44 neural 91 multi 110 model 141 graph 142 graph 122 model 166 image 207
6 multi 33 multi 33 via 44 deep 86 model 102| graph 141 multi 138 base 113 multi 154 base 202
7 network 32 |via 29 |deep 42 base 84 deep 89 neural 133] via 128 multi 102 base 152 graph 191
8 data 28 |deep 28 [multi 41 |via 60 via 83 via 117| base 119 neural 99 dimage 113 network 186
9 plan 27 |neural 25 |data 34 use 47 luse 58 deep 104 deep 113 image 84 neural 108 neural 155
10 approach 25 |representation 22 use 29 |representation 42 data 49 attention 80 supervise 75 detection 72 detection 90 detection 138
11 game 21 search 21 graph 29 graph 40 detection 48 dimage 79 knowledge 73 'supervise 69 aware 79 language 125
12 bayesian 19 algorithm 21 |classification 28 |adversarial 37 graph 48 adversarial 77 image 73 object 62 reinforcement 79 diffusion 119
13 representation 19 social 21 |feature 26 attention 35 image 47 detection 69 aware 71 representation 60 supervise 79 domain 113
14 logic 17 image 19 problem 23 data 35/ |representation 45 laware 64| adversarial 69 reinforcement 59 representation 73 transformer 107
15 social 17 feature 19 plan 23 |detection 34 attention 44 data 63| representation 66 deep 57 transformer 72 aware 105
16 prediction 17 knowledge 18 algorithm 22 label 34| feature 42 domain 62 detection 61 train 57 deep 72 video 104
17 knowledge 17 data 18 |analysis 22 recognition 33/ |reinforcement 41 use 60 generation 58 transformer 57 domain 71 text 102
18 large 17 domain 17 label 22 embed 33 embed 41 knowledge 60 train 58 self 56 data 70 object 99
19 time 16 game 17 game 22 |classification 31| |classification 41 recognition 59 domain 55 data 52 train 69 generation 94
20 cluster 16 graph 17 cluster 21 |feature 31 knowledge 40 object 57 efficient 54 generation 52 knowledge 66 representation 92
21 problem 16 |semantic 16 image 21 |reinforcement 30 temporal 40 |classification 55 segmentation 53 aware 50 contrastive 65 knowledge 92
22 application 16 |classification 16 prediction 21 image 29 video 39 |reinforcement 54 use 53 efficient 49 self 60 data 90
23 information 16 bayesian 16 |search 20 human 29 recognition 37| video 53 search 52 knowledge 49 efficient 59 3d 87
24 program 15 optimization 16 matrix 20 generation 29| |adversarial 37| |representation 52| reinforcement 51 recognition 47 label 57 supervise 87
25 sparse 15 approach 15 optimization 20 answer 28 efficient 36 |generation 51 |classification 49 use 43 feature 57 enhance 86
26 probabilistic 15 'structure 15 efficient 19 |approach 28 task 36| feature 51 attention 48 adversarial 43 object 56 efficient 86
27 online 15 |cluster 15 |structure 19 knowledge 27 |prediction 36 supervise 51 object 47 shoot 42 prediction 56 shoot 82
28 analysis 15 agent 15 knowledge 19 supervise 26 generation 35 text 49| data 47| |text 42 robust 56 cross 81
29 search 15 detection 14 embed 18 text 26 text 35 efficient 46 semantic 47 semantic 42 video 55 towards 78
30 feature 15 efficient 14 approach 17 machine 26 label 35 semantic 46 self 46 domain 42 3d 54 segmentation 77
31 topic 14 label 14 latent 17 search 25 lapproach 34 prediction 46 recognition 44 temporal 41 adversarial 53 large 77
32 optimal 14 large 14 social 17 domain 25 answer 34 temporal 43 text 44 adaptive 41 shoot 50 reinforcement 76
33 preference 13 temporal 14 non 17 train 24 supervise 34 cross 43 label 44 label 41 towards 49 visual 75
34 algorithm 13 |program 13 |system 16  temporal 23 plan 34 time 41 task 41 |classification 41 semantic 49 view 75
35 process 13 word 13 recognition 16 video 23/ convolutional 33 search 41 dinformation 41 optimization 40 use 47 prompt 75
36 structure 13 transfer 13 |robust 15 question 23| |unsupervised 32| |convolutional 41 optimization 41 robust 40 adaptive 47 train 74
37 rank 12 |analysis 13 bound 15 efficient 23| optimization 32 train 40 prediction 41 cross 39| recognition 47 label 74
38 constraint 12 |adaptive 13 kernel 15 \word 23 machine 31 language 40 shoot 40 segmentation 38 cross 46 time 73
39 system 12 stochastic 13 rank 15 prediction 22 semantic 30 answer 40 unsupervised 40 feature 37 segmentation 46 adaptive 72
40 efficient 12 [time 13 'machine 14 cluster 22 structure 30 visual 40 time 40 contrastive 37 dynamic 45 contrastive 71
41 value 12 jonline 13 jonline 14 'social 22 |view 30 adaptive 39 temporal 39 unsupervised 36 time 44 guide 70
42 selection 11 rank 12 temporal 14 framework 21 question 29 lend 39 game 39 task 36 text 43 feature 69
43 task 11 framework 12 domain 14 joptimization 21 |domain 29 approach 38 towards 39 language 36 task 43 dynamic 66
44 local 11 constraint 12 |supervise 14 'sequence 21 agent 29 label 38 structure 37 video 35 optimization 43 modal 66
45 dynamic 11 prediction 12 video 14 |semantic 21 |aware 28 shoot 38 framework 36 guide 35 language 43 classification 64
46 domain 11 |supervise 12 |estimation 13 laction 21 time 27| translation 38 adaptive 36 framework 34 attention 42 semantic 64
47 machine 11 text 12| |representation 13 lanalysis 21 object 26| embed 37 dimprove 36 algorithm 33 generation 41 optimization 64
48 optimization 11 |scale 12 multiple 13 improve 20 algorithm 26 machine 37 approach 35 towards 33 improve 41 recognition 63
49 sample 11 Jaction 12| |unsupervised 13 |convolutional 20 game 26 framework 37 sample 35 search 32 framework 40 task 63
50 bound 11 minimization 11 fast 12 game 20 system 25 human 36 robust 35 policy 32 temporal 40 use 63
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Word Count - AAMAS

# Y2015 Y2016 Y2017 Y2018 Y2019 Y2020 Y2021 Y2022 Y2023 Y2024
1 agent 85 abstract 111 agent 62 agent 89 agent 100 agent 85 learn 78 learn 84 learn 163 learn 139
2 multi 47 extend 109 base 42 learn 56 learn 95 learn 85 agent 74 lagent 83 agent 152 agent 122
3 model 46 agent 57 multi 36 multi 55 multi 56 multi 68 multi 46 multi 69 multi 124 reinforcement 93
4 base 42 learn 44 model 33 base 38 reinforcement 51 reinforcement 52 reinforcement 44 |reinforcement 44 reinforcement 92 multi 86
5 game 36 game 34 game 31 social 37 base 40 game 42 base 28 base 35 base 56 base 59
6 system 34 multi 31 learn 30 system 36 game 40| base 40 model 21 game 27 |game 46 model 45
7 learn 30 model 21 system 28 robot 35 system 35 model 35 game 20 model 22 model 39 game 36
8 social 26 system 21 social 22 |game 31 use 31 network 26 network 19 |system 20 system 37 use 26
9 use 23 social 21 use 18 network 28 network 30 system 25 use 19 plan 18 task 26 deep 25
10 plan 23| demonstration 19 mechanism 15 model 26 social 28 policy 19 system 17 algorithm 15 network 26 decision 23
11 multiagent 18 base 19 reinforcement 14 |plan 26 model 25 decision 18 plan 15 |network 15 |use 25 policy 23
12 robot 15 use 19 network 13 |human 26 policy 23 deep 18 framework 14 |allocation 14 human 25 system 21
13 task 14| reinforcement 18 simulation 12 use 20 robot 20 use 17 via 14 robot 14 social 23 online 20
14 design 14 approach 17 decision 12 |interaction 18 multiagent 19 robot 17 approach 13 |environment 13 plan 23 human 19
15 human 13| network 17 approach 11 |reinforcement 17 deep 19 plan 16 autonomous 13 |social 12 decision 22 via 19
16 strategy 13 mechanism 16 design 11 |task 17 plan 17 framework 15 allocation 12 [team 11 allocation 21 plan 18
17 mechanism 12| robot 16 plan 11 decision 15 problem 17 social 15 cooperative 12 strategy 11 efficient 19 network 17
18 analysis 12 plan 12 multiagent 11 algorithm 15 framework 16 approach 13 strategy 11 deep 10 robot 19 environment 17
19 adaptive 11 human 12 robot 11 online 15 approach 16 environment 13 mechanism 11 |cooperative 10 via 18 optimal 16
20 simulation 11 doctoral 11 extend 11 strategy 15 human 16 cooperative 13 social 11 |representation 10 policy 18 task 16
21 knowledge 11 consortium 11 complexity 11 |distribute 14 distribute 14 algorithm 12 policy 11 policy 10 explanation 17 problem 15
22 information 11 team 11 control 11 optimal 14 algorithm 13| human 12 deep 10 coordination 10 deep 17 control 15
23 problem 11 online 10 reason 10 |mechanism 13 cooperative 13| multiagent 12 behavior 9 |graph 9 dynamic 17| graph 15
24 approach 10 equilibrium 10 resource 10 allocation 13 task 12 constraint 12 design 9 fair 9 communication 16 design 15
25 network 10 optimal 10 allocation 10 behavior 13 knowledge 12 task 11 robot 9 human 9 fairness 16 robot 14
26 interaction 10 decision 9 via 10 framework 12 mechanism 12 make 11 control 9 luse 9 mechanism 15 make 14
27 election 10 task 9 human 10 |dynamic 12 decision 12 resource 10 action 8 multiagent 9 improve 15 allocation 14
28 decision 10 auction 9 framework 9 wvia 11 environment 12 aware 9 human 8 |preference 9 towards 15 efficient 14
29 application 10| vote 9 optimal 9 towards 11 data 12 autonomous 9 market 8 match 9 fair 15 value 13
30 search 10 via 9 environment 9 wvirtual 10 optimal 12 behavior 9 dimitation 8 design 8 objective 14 mechanism 13
31 large 9 strategy 9 information 9 path 10 self 11 strategy 9 adaptive 8 equilibrium 8 design 14 social 13
32 scale 9 resource 8 abstract 9 |deep 9 time 11 mechanism 8 reward 8 online 8 time 14 dynamic 13
33 improve 9 framework 8 vote 9 multiagent 9 online 11 design 8 multiagent 8 dynamic 8 problem 14 bandit 13
34 study 8| cooperation 8 strategy 8 make 9 strategic 11 via 8 problem 8 assignment 8 team 14 towards 13
35 computational 8 security 8 online 8 time 9 control 11 time 8 aware 8 behavior 8 reward 14 cooperative 13
36 robotic 8 jaamas 7 norm 8 efficient 9 preference 11 sequential 8 method 7 lautonomous 8 aware 13 framework 12
37 market 8| environment 7 optimization 8 autonomous 9 strategy 11 security 8 algorithm 7 fairness 8 cooperative 13 offline 12
38 team 8 action 7 dynamic 8 dynamics 9 wvia 11 allocation 8 strategic 7 traffic 8 multiagent 13 large 12
39 online 8 influence 7 logic 8 auction 9 dynamic 11 simulation 8 interaction 7 dimprove 8 make 13 fairness 12
40 towards 8 efficient 7| negotiation 8 design 9 towards 10 neural 8 fairness 7 towards 8 control 12 non 12
41 algorithm 8| schedule 7| strategic 8 constraint 9 path 10 election 8 environment 7 efficient 7 equilibrium 12 markov 11
42 make 8| argumentation 7 market 8 price 8 track 10 online 8 bandit 6 framework 7 ai 12 communication 11
43 dynamic 8 preference 7 task 8 logic 8 'structure 10 preference 8 wvalue 6 resource 7 exploration 12 reason 11
44 auction 8| policy 7 goal 8 |schedule 8 constraint 10| path 8 self 6 control 7 complexity 12| time 11
45 bound 8 distribute 7 action 8 |approach 8 simulation 10| hierarchical 8 non 6 mean 7 autonomous 12 strategy 11
46 influence 8 multiagent 7 traffic 7 action 8 allocation 10 traffic 7 knowledge 6 field 7 preference 12| dinformation 11
47 complexity 8| automate 6 preference 7 argumentation 8 negotiation 10 control 7 preference 6 path 7 optimal 11 language 11
48 distribute 8 simulation 6 behavior 7 collective 8 behavior 10 objective 7 time 6 approach 7 algorithm 11 search 10
49 behavior 7| behavior 6 jaamas 7 team 8 information 10 bandit 7 distribute 6 task 7 environment 11 algorithm 10
50 framework 7 dynamic 6 team 7 influence 7 resource 9 swarm 7 drive 6 auction 7 decentralize 11 data 10
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Word Count - ICML
# Y2015 Y2016 Y2017 Y2018 Y2019 Y2020 Y2021 Y2022 Y2023 Y2024
1 learn 54 learn 66 learn 110 learn 193 learn 214/ learn 313 learn 369 learn 406 learn 560 learn 670
2 model 36 network 39 network 57 network 79 network 93 network 120 model 120 model 142 model 300 model 563
3 process 29 model 37 model 55 model 65 model 91 model 112 network 118 network 130 neural 189 language 262
4 network 21 optimization 26 deep 40 |deep 63 neural 73 neural 104 neural 112 neural 122 network 168 via 203
5 data 20 deep 22 neural 40 neural 50 deep 71 via 75 via 97 wvia 109 via 131 neural 192
6 inference 20 algorithm 22 optimization 28 |gradient 47 via 49 deep 71 reinforcement 95 |reinforcement 81 graph 118 large 172
7 algorithm 17 stochastic 20 gradient 28 |optimization 40 |reinforcement 45 optimization 69 deep 73 |optimization 77 reinforcement 114 network 170
8 stochastic 17 data 20 stochastic 23 reinforcement 40 adversarial 42| reinforcement 61 optimization 64 base 75 data 110 data 158
9 gaussian 17 matrix 19 reinforcement 21 stochastic 32 gradient 41 data 57 train 63 |data 74 optimization 109 base 146
10 optimization 16 neural 19 data 19 |via 32 data 41 graph 57 data 61 graph 73 multi 106 optimization 143
11 bayesian 15 via 19 efficient 19 data 31 optimization 40 gradient 48 base 58 deep 72 base 95 reinforcement 142
12 base 13| efficient 18 via 19 base 28 graph 39 base 47 graph 57 train 66 representation 84 graph 137
13 deep 13 fast 17 process 18 algorithm 28 algorithm 36 stochastic 47 gradient 54 efficient 59 train 83 efficient 126
14 sparse 13 sparse 15 |fast 18 |adversarial 28 inference 36 train 45 robust 52 linear 56 language 76 diffusion 122
15 rank 13| analysis 14 multi 18 |use 27 |stochastic 33 adversarial 44 policy 51 gradient 51 diffusion 75 multi 117
16 distribute 12 sample 14 algorithm 18 |variational 25 multi 32| representation 43 representation 48 multi 50 efficient 74| transformer 112
17 method 12 rank 14 bayesian 18 fast 24 efficient 32 multi 43 algorithm 46 robust 49 gradient 69 train 105
18 structure 12 bandit 13 online 17 inference 24 policy 31 efficient 43 sample 45 algorithm 48 deep 68 representation 103
19 multi 12 multi 13 non 17 |structure 23 bayesian 30 optimal 41 efficient 43 |representation 46 optimal 66 time 93
20 variational 11 use 13 cluster 17 |method 23 structure 30 policy 41 linear 41 dimprove 45 linear 64 sample 86
21 scale 11 approach 12 convex 16 |efficient 23 |generative 29 sample 39 use 41 stochastic 44 sample 57 deep 86
22 matrix 11 structure 12| |use 16 |bayesian 22 |base 28 non 39 bandit 40 |sample 42 algorithm 56 1lm 83
23 neural 11 linear 12 sample 15 multi 21 [train 28 algorithm 37 adversarial 39 time 42 policy 56 inference 81
24 analysis 10 estimation 11 feature 14 robust 19 variational 27 linear 35 optimal 37 policy 41 online 55 gradient 79
25 fast 10 inference 11 dinference 14 sample 19 optimal 27 bandit 34 stochastic 35 adversarial 40 distribution 52 dimprove 79
26 linear 10 process 11 base 14 policy 19 non 26 process 34 multi 35 bandit 39 fast 52| generation 77
27 scalable 10 regression 11 robust 13 matrix 18 representation 25 use 34| generalization 35 federate 37 generative 52 position 76
28 convex 9 base 11 rank 13 |estimation 18 analysis 24 label 33 estimation 32 estimation 36 |adversarial 51 1image 75
29 cluster 9 gradient 11 estimation 13 |graph 18 adaptive 24 dnference 32 process 31 optimal 34 bandit 51 robust 72
30 markov 9 convex 10 adaptive 13 |generative 18 'sample 23 method 32 function 31 |transformer 32 federate 50 stochastic 70
31 use 9 gaussian 10 kernel 13 distribute 17 kernel 21 bayesian 31 time 31 adaptive 32 improve 50 policy 70
32 bandit 9 bayesian 9 distribute 13 |cluster 17 linear 21 robust 31| classification 30 use 32 large 49 algorithm 69
33 via 9| method 9 sparse 13 linear 16 robust 21 generative 30 label 30 |distribution 31 transformer 48 online 68
34 estimation 9 low 9 variational 12 [train 15 function 21 online 28 method 29 analysis 31 estimation 47 linear 68
35 online 8 cluster 9 matrix 12 function 15 descent 20 function 27 self 29 |generalization 31 robust 47 distribution 67
36 problem 8 non 9 generative 12 |adaptive 15 dmprove 19 convex 27 dmprove 29 language 31 prediction 46 feature 67
37 large 8 problem 8 high 12 |process 15 fast 19 time 26 analysis 28 robustness 30 stochastic 46 towards 65
38 approach 7| convolutional 8 descent 12 sparse 14 online 19| generalization 26 feature 28 |convergence 29 time 46| scale 65
39 framework 7| variational 8 gaussian 12 lapproach 14 application 18 adaptive 24 inference 28 bound 29 image 44| optimal 65
40 subspace 7 kernel 8 policy 12 descent 14 process 18 fast 24 online 28 feature 29 method 44 tune 64
41 graph 7 optimal 8 method 11 |prediction 14 bandit 18 bound 24 kernel 27 method 28 |use 44 prediction 64
42 convergence 7| reinforcement 8 regression 11 |bound 14 convex 17 structure 23 bayesian 27 process 28 |generalization 43 use 63
43 bound 7 policy 8 adversarial 11 |hierarchical 13 use 17 descent 23 scale 25 'structure 28 function 43 federate 61
44 selection 7 approximate 7| sequence 11 machine 13 estimation 16 gaussian 23 bound 25 |contrastive 28 |generation 42 estimation 61
45 dual 7 decision 7 function 11 |regression 13 label 16| distribution 22 structure 25 fast 28 towards 41 agent 60
46 approximate 7 application 7| classification 10 optimal 13 method 15 search 22 convex 24 self 27 'scale 40 adaptive 59
47 non 7| factorization 7 approximation 10 control 13 time 15 feature 22 distribution 23 online 27 feature 40 aware 59
48 nonparametric 6 memory 7 structure 10 large 13 understand 15 analysis 21 meta 23 function 27 structure 40 vision 57
49 random 6 supervise 7 time 10 |convolutional 13 weight 15 decision 21 generative 23 |bayesian 26 causal 40 context 57
50 error 6| classification 7 optimal 10 |representation 13 continuous 14 variational 21 space 23 scale 26 bound 39 causal 55
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Word Count - IJCAI
# Y2015 Y2016 Y2017 Y2018 Y2019 Y2020 Y2021 Y2022 Y2023 Y2024
1 learn 88 learn 105 learn 156 learn 186 learn 240 learn 179 learn 180 learn 217 learn 224 learn 252
2 base 74 base 75 network 95 network 122 network 174 network 116 network 98 network 103 multi 86 model 137
3 model 69 model 48 base 69 multi 84 multi 102 multi 75 graph 74 graph 92| model 85 multi 113
4 multi 55 network 43 model 69 base 78 base 87 base 73 model 65 multi 78 base 84 base 101
5 network 36 multi 39 multi 65 model 69 deep 84 model 71 neural 62 base 73 graph 70 graph 92
6 plan 36 plan 37 |deep 51 deep 65 model 81 neural 66 multi 60 neural 67 network 67 via 91
7 use 34 use 35 wvia 48 via 63 graph 78 via 52 |base 57 via 66 via 61 network 85
8 logic 31 via 33 neural 47 neural 52 neural 70 graph 49 via 40 model 57 data 46 detection 60
9 game 29 knowledge 28 system 37 data 38 via 59 deep 47 |deep 38 1image 52| extend 45 language 58
10 algorithm 24 system 27 data 36 image 38 use 48 knowledge 37 data 31 representation 40 neural 45 image 52
11 graph 23| neural 26 plan 35 graph 37 data 43 label 35 knowledge 31 data 37 abstract 44 neural 52
12 data 23 data 25 approach 33 embed 34 reinforcement 38 extend 32 [reinforcement 30 deep 36 reinforcement 42 efficient 51
13 search 22 program 23 |use 33 approach 33| embed 38 attention 30 image 28 knowledge 34 efficient 39 data 49
14 program 22 deep 23 knowledge 29 plan 33 adversarial 38 reinforcement 29 survey 27 |reinforcement 32 agent 39 framework 48
15 via 22 logic 22 feature 29 |use 31 attention 37 abstract 29 detection 27 labstract 32 dimage 37 enhance 42
16 social 21/ representation 22 game 29 representation 30| recommendation 37 prediction 28 abstract 26 train 31 transformer 34 time 41
17 approach 20 information 22 graph 28 attention 30| representation 37 use 28 game 25 extend 31 aware 32 agent 40
18 knowledge 20 game 21 representation 26 algorithm 29 prediction 36 representation 26 label 25 transformer 30 framework 31 reinforcement 39
19 system 19 'search 20 abstract 26 time 27 agent 34 detection 26 temporal 25 search 30 supervise 31 federate 39
20 agent 19 agent 20 constraint 26 adversarial 27 task 33 system 26 aware 24 aware 30 towards 30 label 39
21 abstract 19 efficient 20 agent 25 knowledge 27 detection 32 search 26 time 23 |supervise 29 time 28 towards 38
22 problem 19 algorithm 19 extend 25 |classification 26 convolutional 30 data 25 |use 23 towards 29 detection 28 transformer 36
23 feature 18 approach 19 |program 25 label 26 system 28 aware 23 domain 22 |classification 28 domain 28 large 35
24| probabilistic 18 [feature 19 logic 24 domain 24 plan 28 adversarial 23 agent 22 detection 28 use 28 survey 35
25 extend 18 answer 19 |classification 24 structure 23 knowledge 28 logic 22 supervise 22 time 27 deep 27 use 35
26 rule 18 graph 17 search 23 cross 23 image 28 domain 22 optimization 21 prediction 27 ai 27| representation 34
27 optimal 18 human 17 problem 22 search 23 view 26 1image 22 |adversarial 21 agent 26 generation 27 domain 34
28 matrix 17| cluster 17 image 22 |recommendation 22 time 26 temporal 21| |representation 21 domain 26 label 27 knowledge 34
29 query 17 probabilistic 17 jonline 20  hierarchical 22 algorithm 25 generation 21 extend 21 |efficient 26 self 27 aware 33
30 reason 16 domain 17 |social 19 feature 22 feature 24 constraint 21 self 20 approach 25 constraint 26 abstract 33
31| classification 16 query 17 machine 19 prediction 21 temporal 24 plan 21 prediction 20 survey 25| representation 26 approach 32
32 optimization 16 recognition 16 |information 19 query 21 information 24 hierarchical 21 towards 20 adversarial 24 algorithm 25 prediction 32
33 domain 16 task 16 |detection 19 'supervise 21 search 23 optimization 20 plan 19 text 23 plan 25 adaptive 32
34 efficient 16 problem 16 cluster 19 dynamic 21 constraint 23 framework 20 video 19 contrastive 23 survey 25 contrastive 32
35 information 16 social 16 supervise 19 recognition 20 cluster 23 optimal 20 shoot 19 machine 22| text 25 shoot 31
36 complexity 16 language 15 |recomendation 19 extend 20 supervise 23 efficient 20 ladaptive 18 segmentation 22 recognition 24 supervise 31
37 label 16 detection 15 efficient 19 abstract 20 approach 22 feature 20 dynamic 18 self 22 approach 23 diffusion 31
38 recommendation 15 constraint 14 label 18 optimization 20| logic 22 machine 19 approach 17 problem 21 prediction 23 generation 30
39 constraint 15 robust 14 algorithm 18 |convolutional 20 aware 22 text 19 constraint 17 framework 21 language 23 self 30
40 detection 15 dinference 14 improve 18 task 20 optimization 22 task 19 search 17 dynamic 21 human 22 view 30
41| representation 14 prediction 14 language 17 visual 20 efficient 21 approach 18 algorithm 17 robust 21 system 22 drive 29
42 cluster 14 optimization 14 analysis 17 online 20 game 21 reason 18 |information 17 shoot 21 attention 22 cross 29
43 structure 14 hierarchical 14 |adaptive 17 |rank 20 label 21 structure 18 |problem 16 algorithm 20 segmentation 22 human 29
44 user 14 action 13 |selection 17 lagent 20 generation 21 game 18 improve 16 attention 19| [classification 21 guide 29
45 action 14 structure 13 |attention 16 system 19 framework 19 language 18 |semantic 16 semantic 19 decision 21 temporal 29
46 neural 13 selection 13 dynamic 16 program 19| text 19 visual 18 framework 15 feature 18 federate 21 robust 29
47 text 13 analysis 13 large 16 |reinforcement 19 recognition 19 time 17 |classification 15 label 18 temporal 21 deep 28
48 time 13 online 13 rank 16 view 19 scale 19 cross 17 online 15 recognition 18 problem 20 train 28
49 preference 13 video 13 weight 16 constraint 18 hierarchical 19 algorithm 17 task 15 enhance 18 view 20 policy 27
50 image 13 temporal 12 |reinforcement 16 analysis 18 policy 19 supervise 17 |cross 15 improve 17 reason 20 ai 27

49



E.5 NeurlPS

f2E

G

NeurIPS o H Hi B

A5k E-5

Word Count - NeurIPS
# Y2015 Y2016 Y2017 Y2018 Y2019 Y2020 Y2021 Y2022 Y2023 Y2024
1 learn 80 learn 130 learn 184 learn 271 learn 384/ learn 630 learn 719 learn 844 learn 875 model 1,064
2 model 54 network 75 network 87 network 143 network 198 network 255 neural 276 model 340 model 642| learn 939
3 network 44 model 70 model 76 neural 109 neural 155 neural 232 network 259 neural 307 neural 334 language 497
4 optimization 31 neural 47 deep 64 model 104 model 140 model 165 model 228 network 289 via 282 via 400
5 dnference 26 deep 44 neural 64 deep 93 deep 112 deep 156 via 162 via 201 network 273 large 321
6 via 23 optimization 39 algorithm 34 |optimization 62 |graph 81 via 133| reinforcement 136 train 162 language 212 diffusion 314
7 stochastic 22 stochastic 38 data 33 wvia 61 via 76 graph 112 graph 132 reinforcement 162 base 201 neural 295
8 neural 22 via 31 multi 32 gradient 51 optimization 73 optimization 98 deep 126 graph 158 diffusion 201 image 283
9 sample 21 structure 27 via 32 data 45 base 63 reinforcement 96 base 122 multi 157 graph 200 multi 266
10 deep 20 method 26 process 31 bayesian 44 reinforcement 60 base 91 optimization 114 optimization 142 data 200 data 240
11 fast 19 bayesian 25 gradient 30 efficient 44 efficient 59 train 82 multi 112 data 138 train 192 base 238
12 linear 17 use 25 optimization 29 stochastic 44 sample 57 gradient 75| representation 106 base 134 multi 184 network 229
13 graph 17 dnference 25 online 27 |use 43 gradient 56 robust 75 data 103 deep 133 image 179 graph 226
14 bayesian 16 optimal 24 dnference 25 |adversarial 40 adversarial 56 efficient 75 efficient 98 efficient 130 reinforcement 166 efficient 221
15 gradient 16 fast 23 stochastic 25 graph 39 multi 54 data 74 train 93 image 108 efficient 153 optimization 201
16 algorithm 16 gradient 23 adversarial 25 sample 39 algorithm 53 adversarial 74 transformer 91 transformer 108 optimization 150 1lm 201
17 data 15 data 22 use 25 reinforcement 38 optimal 52 multi 73 gradient 83 | representation 106 large 139 train 194
18 bandit 15 base 21 reinforcement 24 algorithm 35 representation 52 optimal 65 robust 78 language 100 |representation 128 generation 186
19 analysis 15 sample 21 gaussian 24 structure 35 data 50| representation 64 adversarial 75 optimal 98 dataset 122 transformer 177
20 bound 15 estimation 20 image 23 |representation 35 luse 50 policy 63 sample 75 gradient 88 time 116 reinforcement 176
21 prediction 14 bandit 19 method 22 |variational 34 train 49 sample 62 algorithm 71 algorithm 85 deep 116 3d 173
22 structure 14| sparse 19 structure 22 multi 33 'stochastic 47 linear 60 self 69 |sample 85 |sample 114 representation 168
23 optimal 14 online 19 sample 22 process 33 image 47 algorithm 58 use 69 robust 84 robust 112 benchmark 157
24 robust 14 efficient 18 |variational 22 policy 32 time 46 online 58 bound 66 adversarial 82 scale 111 time 155
25 use 14 linear 18 efficient 22 inference 32 method 44 use 56 linear 66 |generalization 78 transformer 104 vision 155
26 sparse 14 matrix 18 base 21 image 32 generative 42 supervise 55 policy 64 linear 75 optimal 100 dataset 140
27 efficient 14 1image 18 bayesian 21 fast 32 |process 41 analysis 54 bandit 63 use 75 3d 98| scale 135
28 multi 13 variational 18 analysis 21 generative 31 bayesian 40 bayesian 53 stochastic 63 stochastic 73 benchmark 91 video 132
29 gaussian 13 adaptive 17 cluster 20 non 30 robust 40 self 52 optimal 62 'supervise 72 text 91 detection 128
30 estimation 13 prediction 16 kernel 20 train 29 |structure 40 stochastic 51 generalization 61 object 71 |visual 89 text 126
31 kernel 13 multi 16 estimation 20 bound 27 bandit 39 estimation 51 method 60 non 69 detection 89 towards 120
32 convex 12 process 16 train 20 linear 26 estimation 37 function 49 online 60 |distribution 69 use 88 dimprove 113
33 time 12 feature 16 linear 19 |robust 26 adaptive 37 dinference 48 supervise 60 dimprove 69 estimation 87 wvisual 110
34 online 12| convex 15 generative 19 feature 25 linear 37 method 47 time 58 detection 68 object 86 robust 108
35 variational 12 probabilistic 15 recurrent 19 optimal 24 policy 36 image 45 bayesian 56 estimation 67 algorithm 82 deep 108
36 convolutional 12| convolutional 15 optimal 18 descent 24 online 34 generative 45 dimage 55 shoot 66 adversarial 82 agent 108
37 process 11 cluster 15 descent 18 |gaussian 24 bound 34 bandit 44 fast 54 policy 65 gradient 81 aware 107
38 spectral 11 kernel 15 graph 18 improve 24 point 34 time 43 improve 54 laware 65 policy 81 optimal 106
39 matrix 11 non 14 representation 18 method 23 |variational 33 bound 43 sparse 52 bandit 64 distribution 80 prediction 102
40 recurrent 11 function 14 adaptive 17 recurrent 23 regression 32 task 42 domain 52 self 62 towards 78 gradient 102
41 method 11 train 14 prediction 17 |base 22 |analysis 32 meta 42 structure 51 inference 62 'supervise 77 linear 101
42 random 10 regression 13 time 17 |domain 22 fast 32 adaptive 42 process 51 online 61 feature 74 framework 100
43 adaptive 10| representation 13 bandit 17 |program 22 non 31 fast 42 adaptive 51 generative 61 self 74 object 99
44 dimage 10| analysis 12 regression 17 jonline 22 |inference 31 dmprove 42| lanalysis 50 'sparse 61 fast 73 dinference 98
45 non 10| unsupervised 12 approximation 17 |regression 21 high 31 sparse 40 estimation 50 bound 61 task 73 understand 97
46 framework 9 random 12| information 16 |convex 21 sparse 30 non 40 prediction 49 task 60 prediction 73 adaptive 96
47 descent 9 bound 12 bound 15 sparse 21 prediction 30 object 39 object 49 video 59 generalization 72 human 95
48 high 9 algorithm 11 sparse 15 |convolutional 21 function 30 process 39 distribution 48 scale 58 1inference 71 task 94
49 dimensional 9 approach 11 fast 14 |approximation 21 generalization 27| search 38 feature 47 time 58 generation 71 use 94
50 semi 9 supervise 11 rank 14 |prediction 20 kernel 26 prediction 37 towards 47 label 57 lanalysis 71 sample 94
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Conf Year m @ 2 ®m @B 2 ®m B = B B %2 B B £ ® B = =
AAAI 2015 20 20 0] 8 10 -2 130 134 = 252 326 -74 44 55 -11 18 24 -6 19
AAAI 2016 19 22 =3 7 8 -1 170 191 -21 265 336 -71 53 56 =3 13 5 8 24
AAAI 2017 26 35 -9 10 9 1 221 236 -15 275 329 -54 72 68 4 21 16 5 28
. AAAI 2018 34 39 =5 20 18 2 361 388 -27 411 445 -34 75 81 -6 18 14 4 35
QA AAAI 2019 45 51 -6 28 31 -3 512 534 -22 492 558 -66 81 81 0] 20 20 0] 52
MMX\ AAAI 2020 53 58 =5 51 55 -4 | 751 766 -15 654 734 -80 | 127 131 -4 33 28 5 47
Ty AAMAS 2015 5 5 0] 0] 0] 0] 19 18 1 127 121 6 62 60 2 26 30 = 23
lm AAMAS 2016 14 8 6 0] 0] 0 22 24 =2 96 97 =1 56 64 -8 16 13 3 16
AJ AAMAS 2017 6 2 4 3 1 2 22 24 =2 104 114 -10 56 54 2 23 10 13 22
m AAMAS 2018 11 11 0 2 1 1 26 25 1 157 151 6 65 65 0] 28 26 2 28
mnl— AAMAS 2019 20 15 5) 3 4 =1, 48 52 -4 163 161 2 67 59 8 36 34 2 27
ﬁ AAMAS 2020 16 11 5 2 1 1 35 36 =1 147 152 =5 62 58 4 13 12 1 25
— ICML 2015 9 3 6 6 4 2 18 11 7 155 99 56 36 14 22 23 15 8 14
H__MWM ICML 2016 10 5 5 5 4 1 23 10 13 204 139 65 41 18 23 25 21 4 16
@ ICML 2017 13 15 =2 11 10 1 36 37 =11, 313 274 39 68 62 6 17 13 4 27
MW ICML 2018 20 18 2 16 13 3 60 64 -4 447 377 70 112 89 23 37 27 10 38
,.I_“ ICML 2019 23 22 1 30 29 1 86 72 14 558 475 83 | 131 110 21 49 33 16 49
e TIJCAI 2016 20 20 0 5 5 0O 181 189 -8 253 249 4 68 67 1 47 46 1 30
mm TJCAI 2017 23 26 =3 7 7 O 253 274 -21 242 236 6 83 84 =1l 47 48 =1l 43
ﬁ TIJCAI 2018 30 29 1 14 8 6 385 392 -7 255 240 15 86 82 4 41 42 -1 38
IJCAI 2019 29 30 =1 10 8 2 403 419 -16 319 306 13 71 69 2 50 48 2 50
NeurIPS 2015 10 8 2 8 5 3 27 10 17 304 216 88 57 23 34 24 21 3 35
NeurIPS 2016 16 11 5) 12 5 7 53 11 42 428 337 91 89 34 55 37 38 =1l 37
NeurIPS 2017 28 16 12 10 9 1 75 33 42 516 407 109 122 44 78 51 40 11 36
NeurIPS 2018 25 16 9 34 21 13 167 95 72 717 587 130 163 62 101 67 41 26 53
NeurIPS 2019 39 30 9 33 22 11 219 124 95 1,040 783 257 226 83 143 110 76 34 92
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Conf —Year o B 2 m B 2 = B 2 = B 2 7 B = 2 B =
AAAI 2015 15 19 -4 35 37 =2 4 4 0 51 59 -8 11 15 -4 532 674 -142
AAATI 2016 19 25 -6 30 35 =5 3 4 =1l 42 45 =3 11 15 -4 551 691 -140
AAAI 2017 19 16 3 26 30 -4 6 9 =3 47 47 0] 20 24 -4 642 786 144
AAAT 2018 21 24 =3 33 46 -13 7 8 =1 52 50 2 24 39 -15 924 1,102 -178
AAAI 2019 16 17 =1 53 74 -21 5 6 =1l 58 58 0] 26 44 -18 1,146 1,343 -197
AAAI 2020 41 39 2 59 68 -9 4 3 1 100 105 =5 43 67 -24 1,607 1,864 -257
AAMAS 2015 27 26 1 15 12 3 11 11 0] 21 21 0] 19 19 0] 361 363 =2
AAMAS 2016 12 11 1 9 9 0] 1 1 0] 12 12 (0] 10 13 =3 282 280 2
AAMAS 2017 14 11 3 10 9 1 8 6 2 16 16 0] 14 14 0] 319 318 1
AAMAS 2018 31 31 (0] 8 8 (0] 7 9 =2 18 17 1 10 9 1 390 390 0]
AAMAS 2019 31 28 3 19 19 0] 8 7 1 14 14 0] 20 18 2 438 438 0]
AAMAS 2020 22 21 1 25 24 1 5 7 =2 19 19 0] 19 17 2 369 369 0]
ICML 2015 2 1 1 24 18 6 2 2 0] 7 7 0] 9 6 3 268 270 =2
ICML 2016 4 2 2 18 7 11 4 2 2 7 6 1 7 2 5) 321 322 =11,
ICML 2017 7 5 2 23 13 10 6 3 3 19 15 4 10 20| -10 434 434 0]
ICML 2018 10 10 0] 37 39 =2 1 1 0] 11 9 2 6 13 =7 621 621 0]
ICML 2019 10 8 2 53 39 14 2 2 0] 14 14 0] 9 12 =3 773 773 0]
TJCAI 2016 30 29 1 31 29 2 7 9 =2 50 55 =5 20 18 2 646 658 -12
IJCAI 2017 24 25 =1 33 36 =3 11 13 =7 87 89 =7 13 13 0] 779 781 =7
TJCAI 2018 48 46 2 31 27 4 12 12 0] 58 61 =3 15 16 =1 863 870 =7
IJCAI 2019 31 29 2 45 40 5 5 4 1 78 177 1 22 23 =1 963 964 =1l
NeurIPS 2015 8 3 5 31 13 18 1 0] 1 13 10 3 13 7 6 403 403 0]
NeurIPS 2016 8 6 2 40 21 19 4 3 1 9 9 0] 9 4 5 569 569 0]
NeurIPS 2017 16 9 7 43 20 23 5 1 4 16 5 11 9 7 2 679 679 0]
NeurIPS 2018 22 13 9 75 36 39 6 4 2 31 15 16 17 7 10 1,009 1,009 0]
NeurIPS 2019 25 12 13 113 49 64 10 2 8 50 25 25 24 19 5 1,428 1,427 1

53



B RAEGH

(FAEEME - £iE]

NER AR RN - FWEEARA 7 — S BITEHEARE

[ #ME-&VEED ]
Mo EA T — R BITBRARE

[9F-a—F4v75 1]

=2 S T — R BITERARE
[ % ]
N T — R BITERARE

ER/EE7z0—

EFEHARE

* X&)



AEHEN-348

AILFESBTFOEHBRSERICE T 2EH - gl RREROER
(2015 £ — 2024 &EFR)
2025 % 06 B

MEBRIEE BRI - FWBERI R
T — XBRTBRMRE

T100-0013 EHR#MBFREARXEHNE 3-2-2 FREFRTEE 7 5 HEE 16 &
TEL: 03-3581-2393

Presentation Trends by Countries and Regions
at International Al Conferences, 2015-2024
Jun. 2025

Research Unit for Data Application
National Institute of Science and Technology Policy (NISTEP)
Ministry of Education, Culture, Sports, Science and Technology (MEXT), Japan

https://doi.org/10.15108/rm348




2

NATIONAL
INSTITUTE OF
SCIENCE AND
TECHNOLOGY
POLICY

https://www.nistep.go.jp



	1 はじめに
	2 対象及び手法
	2.1 分析対象
	2.2 情報源
	2.3 国・地域情報の推定
	2.4 カウント方法
	2.5 国際連携状況の可視化
	2.6 内容の変化に関する可視化

	3 分析結果
	3.1 AAAI (Association for the Advancement of Artificial Intelligence)
	3.1.1 AAAIにおける国・地域別発表件数の推移
	3.1.2 AAAIにおける国際共著の傾向
	3.1.3 AAAIにおける内容のトレンド

	3.2 AAMAS (International Conference on Autonomous Agents and Multiagent Systems)
	3.2.1 AAMASにおける国・地域別発表件数の推移
	3.2.2 AAMASにおける国際共著の傾向
	3.2.3 AAMASにおける内容のトレンド

	3.3 ICML (International Conference on Machine Learning)
	3.3.1 ICMLにおける国・地域別発表件数の推移
	3.3.2 ICMLにおける国際共著の傾向
	3.3.3 ICMLにおける内容のトレンド

	3.4 IJCAI (International Joint Conference on Artificial Intelligence)
	3.4.1 IJCAIにおける国・地域別発表件数の推移
	3.4.2 IJCAIにおける国際共著の傾向
	3.4.3 IJCAIにおける内容のトレンド

	3.5 NeurIPS (Neural Information Processing Systems)
	3.5.1 NeurIPSにおける国・地域別発表件数の推移
	3.5.2 NeurIPSにおける国際共著の傾向
	3.5.3 NeurIPSにおける内容のトレンド

	3.6 全体傾向

	4 まとめ
	参考文献
	付録A 各会議主催者の概要
	A.1 AAAI
	A.1.1 原文
	A.1.2 機械翻訳

	A.2 AAMAS/IFAAMAS
	A.2.1 原文
	A.2.2 機械翻訳

	A.3 ICML
	A.3.1 原文
	A.3.2 機械翻訳

	A.4 IJCAI
	A.4.1 原文
	A.4.2 機械翻訳

	A.5 NeurIPS
	A.5.1 原文
	A.5.2 機械翻訳


	付録B 各会議の採択数，採択率など
	付録C 開催地
	付録D 共著関係データ
	D.1 AAAI
	D.2 AAMAS
	D.3 ICML
	D.4 IJCAI
	D.5 NeurIPS

	付録E ワードクラウド詳細
	E.1 AAAI
	E.2 AAMAS
	E.3 ICML
	E.4 IJCAI
	E.5 NeurIPS

	付録F 前回調査との比較
	奥付

